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Abstract The Lancang‐Mekong River Basin (LMRB) in Mainland Southeast Asia is home to ~70 million
people, mostly living in poverty and typically working in primary freshwater‐related sectors, particularly
agriculture and fishery. Understanding the mechanisms of the historical variability in precipitation (as the
crucial water source) plays a key role in regional sustainable development throughout the LMRB. Herein,
the spatiotemporal variability in interannual and intra‐annual precipitation over the LMRB was
analyzed using the Global Precipitation Climatology Centre (GPCC) data for the period 1952–2015. The
empirical orthogonal function (EOF) and wavelet transform coherence methods were utilized to investigate
the relationships of such historical variations in annual (water year: November–October), dry season
(November–May), and wet season (June–October) precipitation with 13 different climate teleconnections
(eight large‐scale oceanic‐atmospheric circulation patterns and five summer monsoons). On the basin scale,
only a significant (p < 0.05) wetting trend in the dry season precipitation (DSP) was uncovered. Spatially,
significant wetting (drying) trends in annual precipitation detected over the northeastern (most western)
parts of the Mekong River Basin during the water years 1952–2015, largely contributed by the substantial
increases (decreases) in historical wet season precipitation. The most important precipitation pattern
(EOF1) was identified as a strong (relatively weak) positive center in the eastern (southwestern) Mekong
River Basin accompanying by a significantly high (relatively low) positive value for the first EOF mode of
the dry season precipitation (wet season precipitation). Precipitation variability in the LMRB was
significantly associated with the South Asian Summer Monsoon Index, Southern Oscillation Index,
and Indian Summer Monsoon Index.

1. Introduction

The global average surface air temperature exhibited a significant warming trend during the 20th century,
with acceleration after 1975 (IPCC, 2013), primarily in response to the substantial increases in the anthropo-
genic concentrations of greenhouse gas emissions to the Earth's atmosphere (Scheffer et al., 2006;
Zahn, 2009). In recent decades, sea surface temperature (SST) has also increased, mainly due to the intensive
and extensive rise of atmospheric CO2 concentration around the world (Iz, 2018). These warmer air and sea
temperatures have fundamentally caused considerable increases in the atmospheric moisture content (e.g.,
Mishra et al., 2012), leading to significant changes in the global climate system (e.g., Flato et al., 2013;
Zahn, 2009). Such an indisputable, ongoing climate change has already influenced water resources by pro-
minently altering hydrological cycle components, particularly precipitation and evapotranspiration (e.g.,
Berghuijs et al., 2017; Immerzeel et al., 2012; IPCC, 2013). Analysis of the spatiotemporal variability and
trends of these components, as factors controlling water resource availability, has been one of the important
research topics for studies focusing on climatic and environmental changes on both regional and global
scales (e.g., Barros et al., 2014; IPCC, 2014).

Precipitation is the most basic link between atmospheric (e.g., evaporation and cloud) and land‐surface (e.g.,
soil moisture and infiltration) hydrological processes in the water cycle mechanism (e.g., Andersson
et al., 2005). It is also considered to be one of the key hydrometeorological variables for detecting regional
climatic changes around the world (e.g., Barros et al., 2014; Cannarozzo et al., 2006; Du et al., 2019;
McVicar et al., 2007). Although precipitation has significantly decreased and increased over the low and high
latitudes in recent decades, respectively (Barros et al., 2014), changes in the global precipitation pattern have
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still been inconsistent and inconclusive (IPCC, 2014; Wang et al., 2018). Actually, global warming has con-
siderably increased both saturated vapor pressure and warm air moisture content, thereby already altering
regional precipitation variability (e.g., Bengtsson, 2010) and consequently water resource availability (e.g.,
Barros et al., 2014; IPCC, 2014). This has positively and/or negatively influenced the economy (e.g., indus-
trial and agricultural production), environment (e.g., soil erosion and chemical leaching intensification),
and society (e.g., health hazards and human fatalities) in different parts of the world (Guhathakurta
et al., 2011; Pall et al., 2011; Rajeevan et al., 2008), specifically in developing countries due to their vulnerable
infrastructures, high human population density, and poor land‐use and development practices (Liu
et al., 2017; Mirza, 2003; Yin et al., 2011). Since precipitation predominantly contributes to the freshwater
requirements for human activities, it plays a critical role in the sustainable development of both life and live-
lihoods worldwide (Bates et al., 2008; Todd et al., 2011).

Located inMainland Southeast Asia, the Lancang‐Mekong River Basin (LMRB) is home to approximately 70
million people from the six countries of China, Laos, Myanmar, Cambodia, Thailand, and Vietnam
(MRC, 2010). The residents are generally (~40%) poor (Dugan et al., 2010; Hortle, 2007; MRC, 2010) and
dependent upon the ecosystem services provided by the LM River, (Pech & Sunada, 2008; Ziv et al., 2012).
As the predominant freshwater source for this river, precipitation is vital for the sustainable development
of such inhabitants in the LMRB (Chi et al., 2016; Choi et al., 2018; Gu et al., 2017; Ziv et al., 2012).
Owing to the changes in hydrological processes induced by the climate warming impacts on regional preci-
pitation patterns (Hasson et al., 2016; Hoang et al., 2016; IPCC, 2013), water‐related hazards (particularly
floods and droughts) have also increased throughout the LMRB during the last few decades (MRC, 2010;
Pokhrel et al., 2018; Räsänen et al., 2012). Indeed, both water abundance and shortage can greatly threaten
individuals living on the margins of economic development in the LMRB (Delgado et al., 2010; MRC, 2015;
Phi Hoang et al., 2016), particularly a large proportion of the population working in the primary
freshwater‐related sectors of agriculture, forestry, and fishery. Thus, the spatiotemporal analysis of precipi-
tation variability and trends throughout the LMRB can guide its riparian countries toward achieving the sus-
tainable development goals (SDGs) adopted by the United Nations in 2015 (UN, 2015).

In addition to detecting changes in regional precipitation patterns, it is important to investigate their possi-
ble underlying complex causal and physical mechanisms. In general, natural and human activities influence
regional climate variability and change (Angélil et al., 2017; Mukherjee et al., 2018; Ren & Zhou, 2014).
Although the LMRB is a large area with the relatively high population density of 88 people per km2

(FAO, 2011; Pech & Sunada, 2008), both interannual and intra‐annual precipitation variations throughout
this basin exhibit significant relationships with large‐scale oceanic‐atmospheric circulation patterns (e.g.,
A. Chen et al., 2019; Delgado et al., 2012; Juneng & Tangang, 2005; O'Gorman & Schneider, 2009;
Räsänen et al., 2016) and summer monsoons (e.g., Delgado et al., 2012; MRC, 2010). The strength and influ-
ence of these patterns and monsoons over a particular region during a particular period of the year are gen-
erally expressed by climate teleconnection indices (hereafter, teleconnections); for example, the Southern
Oscillation Index (SOI) and Pacific Decadal Oscillation (PDO). Previous studies, however, have only focused
on the relationships of precipitation variability in the LMRBwith a few of these teleconnections, particularly
the SOI and Indian Summer Monsoon Index (ISMI).

This study attempted to identify influential teleconnections for the spatiotemporal variability and trends in
interannual and intra‐annual precipitation throughout the LMRB in recent decades. The specific objectives
were to (1) determine spatiotemporal changes in annual (water year: from November to the following
October) as well as in dry season (November–May) and wet season (June–October) precipitation in the
LMRB from 1952–2015; (2) identify the dominant patterns of regional precipitation variability over time,
applying the empirical orthogonal function (EOF) method; and (3) explore and analyze the relationships
of historical precipitation variability across the LMRB with teleconnections, employing wavelet transform
coherence and Spearman's rank correlation.

2. Materials and Methods
2.1. Study Area Overview

The Lancang‐Mekong River (LMR) is geographically located inMainland Southeast Asia (Figure 1a), with an
elevation ranging from 0 to 5,730 m above the mean sea level (Figure 1b). It is the world's (i) 8th largest river
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in terms of discharge, with an average outflow of 15,000 m3/s; (ii) 12th longest, ranging from 4,200 to
4,909 km due to differences in measurement methods and time periods; and (iii) 21st largest in basin area
(795,000 km2) (Gupta et al., 2002; Jacobs, 2002; MRC, 2010). The LMR originates from the Tibetan Plateau
in China and flows through Myanmar, Laos, Thailand, and Cambodia before entering the Mekong Delta
in Vietnam, ultimately releasing into the South China Sea (Figure 1a). Shared by all of the six aforementioned
countries, the LMRB is one of the most complex transboundary water drainage systems worldwide.

At Chiang Saen in Thailand, which is the nearest measurement station of river discharge to the Chinese bor-
der (Figure 1a), the LMRB is divided into the upper (Lancang River Basin or LRB) (Figure 1c) and lower
(Mekong River Basin or MRB) sections (Figure 1d). Over the ~2,000‐km length of the LRB (from the head-
waters to the Chiang Saen station), the elevation falls sharply (2 m/km) from 4,500 to ~500 m (MRC, 2005).
In the MRB, however, the elevation experiences a moderately steep slope of 0.25 m/km over a distance of
2,000 km from the Chiang Saen to Kratie discharge measurement stations, that is, from about 500 m to only
a few tens of meters (MRC, 2005). With a slight slope of 0.03 m/km, the river bed is almost flat downstream
fromKratie on theMekong Delta to the South China Sea, a length of ~600 km (MRC, 2005). Accordingly, the
LMRB area is shared between (i) the LRB (24%), including contributions from both China (21%) and
Myanmar (3%), and (ii) the MRB (76%), consisting of contributions from Laos (25%), Thailand (23%),
Cambodia (20%), and Vietnam (8%) (MRC, 2005).

In the LMRB, precipitation is basically influenced by the El Niño‐Southern Oscillation (ENSO), the East
Asian Monsoon (EAM), the Indian Summer Monsoon (ISM), and tropical cyclones (TCs) (A. Chen, Ho,
et al., 2019; Delgado et al., 2012; MRC, 2010). Interannual precipitation variability across the LMRB is prin-
cipally associated with the ENSO, which also regulates the variability in the Asian monsoon, including the

Figure 1. Lancang‐Mekong River Basin (LMRB): (a) location, (b) digital elevation model (DEM) or elevation, (c) upper
section (Lancang River Basin, LRB), and (d) lower section (Mekong River Basin, MRB); (e) temporal variations in
the number of precipitation measurement stations used to calculate the GPCC monthly gridded data set throughout the
LMRB during January 1951 to December 2015.
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ISM and theWestern North Pacific Monsoon (WNPM) (Räsänen &Kummu, 2013; Ward et al., 2010). Hence,
the ISM conveys a substantial water vapor content from the Indian Ocean to the southwestern and partially
the southeastern LMRB during the wet season (June–October), contributing approximately 70% of the
annual precipitation. Influencing extreme precipitation events during the wet season, particularly the last
3 months (August–October), TCs also contribute to annual precipitation over the LMRB (A. Chen, Ho, et al.,
2019). The EAM, however, covers the LMRBwith a high‐pressure system during the dry season (November–
May). Accordingly, the long‐term (1981–2010) average values for annual precipitation typically increase
from the northwestern LRB (464 mm) to the eastern and southeastern MRB (4,300 mm). However, tempera-
tures are persistently warm across the MRB, with some moderation throughout the LRB associated with
higher elevations (Lutz et al., 2014). Thus, the lowest and highest annual mean temperature were −4.8°C
in the most upper part of northern LRB and 29.0°C in the southwest of MRB, respectively, during the period
1981–2010 (Lutz et al., 2014).

2.2. Data Description

Sparsely and unevenly distributed measurement stations restrict monitoring the spatiotemporal precipita-
tion variability across the LMRB (Wang et al., 2016). Such precipitation records are also discontinuous, short
term, uncertain, and not even readily available mainly as a result of the various transboundary conflicts
among all of the riparian countries concerning the exploitation of available freshwater resources in the
LMRB (Lutz et al., 2014; Villafuerte & Matsumoto, 2015). Previous studies have already confirmed the func-
tionality of gauge‐based gridded precipitation data sets in assessing precipitation variability and changes in
Southeast Asia (Sun et al., 2018; Villafuerte & Matsumoto, 2015; Yatagai et al., 2009, 2012), particularly in
the LMRB (Chen et al., 2018; Lutz et al., 2014; Ono et al., 2013). Hence, this study extracted
high‐resolution (0.25° × 0.25°), gauge‐based, gridded monthly precipitation time series over the LMRB for
the period 1951–2015 from the Global Precipitation Climatology Centre (GPCC) product (Becker et al., 2013;
Rudolf et al., 2009; Schneider et al., 2014). The GPCC covers a period of over 200 years and includes data
from more than 85,000 stations around the world. In total, precisely 65,335 stations passed the minimum
limit of 10 uninterrupted years for each of the 12 months of the year. The best‐ and worst‐covered months
in the GPCC data set are June and December, respectively, including precisely 67,298 and 67,149 stations
worldwide. Hence, the GPCC product has commonly been used as “reference data” for assessing the relia-
bility of other gauge‐based, reanalysis, and satellite‐related precipitation data sets on both regional and glo-
bal scales (e.g., Sun et al., 2018). Figure 1e represents temporal variations in the number of precipitation
measurement stations used to calculate the GPCC monthly gridded data set throughout the LMRB for the
period January 1951 to December 2015. Theminimum andmaximumnumber of precipitationmeasurement
stations in the LMRB are 38 (in January and February 1951) and 163 (all months in 1999, except June and
December), respectively (Figure 1e). However, only a few studies have previously applied the GPCC data
set to study climate change trends throughout the LMRB in recent decades (e.g., Fan & Luo, 2019;
Ruiz‐Barradas & Nigam, 2018).

It is worth mentioning that this study preferred the GPCC data set to the Asian Precipitation‐Highly
Resolved Observational Data Integration Toward Evaluation of water resources (APHRODITE), which
has been generated by the Research Institute for Humanity and Nature and the Meteorological Research
Institute of the Japan Meteorological Agency (Yatagai et al., 2009, 2012). APHRODITE is the only available
long‐term regional gauge‐based daily gridded precipitation data set produced by utilizing a dense network of
daily in situ records in Asia (Tanarhte et al., 2012), and has previously been selected as “reference data” for
evaluating the reliability of satellite‐based and reanalysis precipitation data sets in different parts of Asia
(Sidike et al., 2016; Sohn et al., 2012; Tan et al., 2017), including the LMRB (Chen et al., 2018). The developer
of APHRODITE (Yatagai et al., 2009), however, actually confirmed its accuracy and reliability based on the
monthly GPCC data sets (Yatagai et al., 2012).

Given the existing research results and controversies (Caesar et al., 2011; A. Chen, Ho, et al., 2019; Ding
et al., 2019; Fan & Luo, 2019; Villafuerte &Matsumoto, 2015), this study selected 13 teleconnections, includ-
ing eight oceanic‐atmospheric circulation patterns (Nos. 1–8 in Table 1) and five dominant summer
(June–September) monsoons (Nos. 9–13 in Table 1). The main characteristics, coverage areas, and monthly
time series (1951–2015) for all of these teleconnections can be found in the references and data sources listed
in Table 1. For water years 1952–2015, this study calculated annual (water year: from November to the
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following October), dry season (November–May), and wet season (June–October) data sets of the large‐scale
oceanic‐atmospheric circulation patterns (Nos. 1–8 in Table 1) as the average of their corresponding
monthly values. Hence, the period from November 1951 to October 1952 was considered to be the water
year 1952, consisting of both the dry (November 1951 to May 1952) and wet (June 1952 to October 1952)
seasons of 1952.

2.3. Analytical and Statistical Methods

The EOF (Lorenz, 1956) is commonly applied for identifying and extracting the spatiotemporal patterns of
hydrometeorological variables (Hannachi et al., 2007). EOF analysis includes three components: eigenvec-
tors (EOFs representing Spatial Patterns), principal components (PCs, i.e., corresponding time coefficients),
and eigenvalues (Hannachi et al., 2007). Numerous previous studies have comprehensively described and
reviewed the EOF and its application for climate variability and change assessment (e.g., Fujinami
et al., 2016; Gong et al., 2018; Jiang et al., 2014; Yao et al., 2015). Therefore, this study used the EOF to sim-
plify the interpretation of interannual and intra‐annual precipitation variability across the LMRB in the
space‐time domain. The North criterion significance test (North et al., 1982) was also employed to distin-
guish the physical signal from the noise through the estimation of EOFs. The leading PCs that contained
most of the original variance were also selected as the substitutions to investigate the relationships of annual
and seasonal precipitation across the LMRB with teleconnections.

The wavelet transform coherence (WTC) method was employed in this study to explore significant relation-
ships of the predominant annual and seasonal precipitation EOFs in the LMRB with different teleconnec-
tions. The WTC is a new signal‐analysis approach that combines wavelet transform with cross‐spectrum
analysis. It has recently been used to measure the covarying relationships of hydrometeorological variables
with their potential drivers in the time‐frequency domain at multiple time scales (Asong et al., 2018;
Jevrejeva et al., 2003; Su et al., 2019). Hence, the WTC is a correlation coefficient localized in time and fre-
quency space for quantifying the degree of possible linear relationships between two nonstationary series
through the time and frequency domains (Jiang et al., 2019; Su et al., 2019). Its significance level (5% in this
study) for each scale is computed by the Monte Carlo method using only values outside of the cone‐of‐influ-
ence (Grinsted et al., 2004; Torrence & Compo, 1998). In the WTCmethod, the relative phase relationship is
shown as small arrows, with in‐phase (positive) pointing right (0°) and antiphase (negative) pointing left
(180°). In this study, the PC leads (lags) the teleconnection by 90°, pointing downward (upward).

Tomeasure correlations of annual and seasonal precipitation time series on the basin scale of the LMRBwith
teleconnections, this study preferred Spearman's rank correlation (ρ) to Pearson's correlation coefficient (r).
This was primarily because ρ, unlike r, fundamentally assumes no particular distribution functions for vari-
ables (Helsel & Hirsch, 1992). In order to detect statistically significant (p < 0.05) trends in interannual and
intra‐annual precipitation, as well as their corresponding dominant PCs, the present study employed the
rank‐based nonparametric Mann‐Kendall (MK) test (Kendall, 1975; Mann, 1945). Accordingly, the slope of

Table 1
Summary of the Teleconnections Considered in This Study

No. ID Climate teleconnection Data source Reference

1 AMO Atlantic Multidecadal Oscillation aNOAA Physical Sciences Division (PSD) Enfield et al. (2001)
2 AO Arctic Oscillation NOAA Climate Prediction Center (CPC) Thompson and Wallace (1998)
3 EP/NP Eat Pacific/North Pacific NOAA Climate Prediction Center (CPC) Barnston and Livezey (1987)
4 NAO North Atlantic Oscillation NOAA Climate Prediction Center (CPC) Barnston and Livezey (1987)
5 PDO Pacific Decadal Oscillation National Center for Atmospheric Research (NCAR) Zhang and Levitus (1997)
6 SOI Southern Oscillation Index National Center for Atmospheric Research (NCAR) Trenberth (1984)
7 TPI Tibetan Plateau Index National Climate Center (NCC) of CMAb Yao and Chen (2015)
8 WP West Pacific NOAA Climate Prediction Center (CPC) Barnston and Livezey (1987)
9 ISMI Indian Summer Monsoon Index Asia‐Pacific Research Data Center (APRDC) of IPRCc Wang and Fan (1999)
10 WNPMI Western North Pacific Monsoon Index Asia‐Pacific Research Data Center (APRDC) of IPRC Wang et al. (2001)
11 EASMI East Asian Summer Monsoon Index (http://ljp.gcess.cn/dct/page/65544)d Wang et al. (2008)
12 SASMI South Asian Summer Monsoon Index (http://ljp.gcess.cn/dct/page/65544) Li and Zeng (2002, 2003)
13 SCSMI South China Sea Summer Monsoon index (http://ljp.gcess.cn/dct/page/65544) Li and Zeng (2002, 2003)

aNOAA (National Oceanic and Atmospheric Administration of the United States). bCMA (China Meteorological Administration). cIPRC (international
Pacific Research Center). dLast accessed 7 April 2020.
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such significant trends was estimated using Sen's method (Sen, 1968). The relative trend (%) was also
calculated as (trend/mean precipitation) × 100. In general, however, using the nonparametric MK trend
test requires serially independent hydrometeorological time series. The positive autocorrelation in such
time series typically increase the possibility of rejecting the null hypothesis of no trend in the
nonparametric MK test, while the null hypothesis is actually true. It means that the nonparametric MK
test detects statistically significant trends in hydrometeorological time series with positive serial
correlation, while none may really exist (Yue et al., 2002). Similarly, the positive correlations in the time
series for one and/or both hydrometeorological variables might influence measuring their statistically
significant correlations (Park & Lee, 2001). Given the existence of positive autocorrelation in precipitation
and/or teleconnections time series, hence, the trend‐free prewhitening (TFPW) approach (Yue et al., 2002)
was used to identify significant trends, and the residual bootstrap (RB) technique (Park & Lee, 2001) with
5,000 independent replications was employed to assess the standard deviation of the ρ values.

3. Results
3.1. Historical Precipitation Analysis

On the basin scale, a significant (p < 0.05) wetting trend (0.34 mm/year) was only found in the dry season
precipitation (hereafter, DSP) across the LMRB during the water years 1952–2015 (Table 2). This trend
was basically driven by a significant increase (0.38 mm/year) in historical DSP across the LRB over the same
period (Table 2). Similarly, the relative trends indicated that such a significant increase in DSP was much
more pronounced across the LRB (0.172%) than across the LMRB (0.091%) (Table 2). In the MRB, DSP also
exhibited a wetting trend in recent decades, although it was insignificant (p > 0.05; Table 2). Despite the
wetter dry seasons, annual precipitation (hereafter, AP) displayed no clear changes in the LMRB, LRB, or
MRB with time (Table 2). This may be attributed to the (i) statistically insignificant drying trends in wet sea-
son precipitation (hereafter, WSP) and (ii) typically smaller contribution of DSP (24.3–26.3%) than WSP
(73.7–75.7%) to AP across all of the three basins (Table 2).

Table 2
Variability and Changes in Annual (November–October), Dry Season (November–May), andWet Season (June–October) Precipitation, AsWell As Their Correlations
With Teleconnections on the Basin Scale of the LMRB, LRB, and MRB During the Water Years (November–October) 1952–2015

LMRB LRB MRB

Annual Dry Wet Annual Dry Wet Annual Dry Wet

Variability Long‐term Average (mm) 1,489.7 380.2 1,109.5 903.7 219.8 683.9 1,772.1 466.6 1,305.5
Minimum (mm) 1,301.9 238.1 983.8 793.5 104.3 579.8 1,505.7 286.6 1,134.5
Year of Minimum 1977 1963 2012 1992 1969 1992 1998 1992 2012
Maximum (mm) 1,809.8 581.7 1,244.3 1,046.8 309.7 828.8 2,182.7 766.6 1,481.6
Year of Maximum 2000 2000 1952 2000 2000 1966 2000 2000 1978

Change Absolute Trend
(mm/year)

0.05 0.34* −0.30 −0.27 0.38* −0.65 0.12 0.35 −0.23

Relative Trend (%/year) 0.003 0.091* −0.027 −0.029 0.172* −0.095 0.007 0.076 −0.018
Correlation (rho)

with teleconnectionsb
AMO 0.28* 0.23 0.13 0.11 −0.03 0.12 0.29* 0.25* 0.09
AO 0.08 0.11 0.33* −0.04 0.21 0.01 0.10 0.09 0.38*
EP/NP −0.22 −0.33* −0.07 −0.27* −0.26* 0.13 −0.22* −0.31* −0.08
NAO −0.02 −0.03 0.17 −0.07 0.18 −0.03 −0.04 −0.03 0.18
PDO −0.38* −0.31* −0.29* −0.28a 0.03 −0.12 −0.41 −0.32 −0.28
SOI 0.30* 0.40a 0.11 0.21 0.22 0.05 0.33* 0.51a 0.10
TPI 0.14 0.15 0.27* 0.03 0.07 0.09 0.15 0.14 0.22
WP −0.13 −0.10 0.06 −0.02 −0.12 0.22 −0.14 −0.11 0.03
ISMI 0.22 0.01 0.34a −0.03 0.32a −0.25a 0.21 −0.05 0.37a

WNPMI 0.16 0.15 0.14 −0.18 −0.14 −0.08 0.22 0.18 0.19
EASMI 0.15 0.24 0.05 −0.06 −0.07 −0.04 0.20 0.25* 0.08
SASMI 0.39a 0.19 0.32* 0.21 0.23 0.05 0.40a 0.17 0.36*
SCSMI 0.07 0.13 0.01 −0.09 −0.15 −0.02 0.11 0.15 0.03

Note. LMRB = Lancang‐Mekong River Basin; LRB = Lancang River Basin; MRB = Mekong River Basin.
aStrongest (most) significant correlation: the highest absolute Spearman's rank correlation. bTeleconnections: Atlantic Multidecadal Oscillation (AMO), Arctic
Oscillation (AO), East Pacific/North Pacific (EP/NP), North Atlantic Oscillation (NAO), Pacific Decadal Oscillation (PDO), Southern Oscillation Index (SOI),
Tibetan Plateau Index (TPI), West Pacific (WP), Indian Summer Monsoon Index (ISMI), Western North Pacific Monsoon Index (WNPMI), East Asian
Summer Monsoon Index (EASMI), South Asian Summer Monsson Index (SASMI), and South China Sea Summer Monsoon Index (SCSMI). *Statistically
significant (p < 0.05).
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The long‐term (1952–2015) AP averages were approximately 1,489.7, 903.7, and 1,772.1 mm over the basin
scale of the LMRB, LRB, and MRB, respectively (Table 2). Across all of these basins, the maximum AP
amounts were observed in the water year 2000, when the maximum DSP amounts also occurred
(Table 2). The minimum DSP amounts generally exerted no effect on the minimum AP in the LMRB,
LRB, and MRB, however. Historical variations in AP (ρ = 0.39) and WSP (ρ = 0.34) over the LMRB were
most significantly correlated with the SASMI and ISMI, respectively, which were also the strongest telecon-
nections influencing AP (ρ = 0.40) and WSP (ρ = 0.37) over the MRB (Table 2). In these two basins (the
LMRB and MRB), the DSP variability displayed the most significant correlations (ρ = 0.40 and 0.51, respec-
tively) with the SOI (Table 2). Across the LRB, however, AP was most strongly correlated with the PDO
(ρ=−0.28), while DSP (ρ= 0.32) andWSP (ρ=−0.25) weremost correlated with the ISMI. Figure 2 presents
the anomalies, significant trends, and most significant teleconnections for annual (AP) and seasonal (DSP
and WSP) precipitations over the LMRB during the water years 1952–2015.

Spatially, the significant increases in AP over the northern LRB during the water years 1952–2015
(Figures 3a and 3d) were primarily driven by the historical wetting trends of DSP (Figures 3b and 3e).
Throughout the MRB, however, significantly increasing (decreasing) trends in AP were mainly seen in
the northeastern (most western) sections (Figures 3a and 3d), in association with historical wetter (drier)
wet seasons (Figures 3c and 3f). The increasing trends detected in AP and DSP across the northern LRB ran-
ged from 0.5–1.5 to 0.3–1.9 mm/year, respectively (Figures 3a and 3b). For AP and WSP, significant drying
(wetting) trend rates (in mm/year) were, in turn, 3.1–5.6 (3.4–6.8) and 2.5–5.9 (2.5–6.1) over most of the wes-
tern (northeastern) MRB (Figures 3a and 3c). In the LMRB, annual and seasonal precipitation (AP, DSP, and
WSP) typically increased from the northern LRB to the southernMRB, while there was a decreasing gradient
from east to west (Figures 3g–3i).

The most influential teleconnections for variations in both AP and WSP were generally the same over the
portions of the LMRB (Figures 4a and 4c) in which the contributions of WSP to AP were relatively high
(85–90%) (Figures 3g–3i and S1). Accordingly, the strongest correlations of AP and WSP with the WNPMI
(SASMI) were positive across the eastern (northeastern) MRB, as well as negative (positive) with the

Figure 2. Anomaly time series with trend line and most influential teleconnection for (a) annual, (b) dry season, and (c) wet season precipitation on the basin
scale of the Lancang‐Mekong river Basin (LMRB) during the water years (November–October) 1952–2015. Dry and wet seasons referred to the periods
November–May and June–October during the water year, respectively. The time series for the most influential teleconnections are referred to their corresponding
annual and seasonal averaged values.
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AMO (TPI) over the northern (most of the upper northern) LRB (Figures 4a, 4c, 4d, and 4f). However, the
25–35% and 65–75% contributions of DSP and WSP to AP, respectively, over the southern and
southwestern MRB (Figures 3g–3i and S1) led to similar spatial distributions of the most significant
teleconnections influencing AP and DSP throughout the LMRB (Figures 4a and 4b). Thus, over these
regions, AP and DSP exhibited the most significant positive correlations with the SOI (Figures 4a and 4b),
with ρ = 0.35–0.55 (Figures 4d and 4e). DSP in the uppermost section of the LRB, however, had the most
significant positive relationships with the AO (ρ = 0.35–0.45) (Figures 4b and 4e). The spatial patterns for
the correlations (ρ) of AP, DSP, and WSP with all of the 13 teleconnections considered in this study
throughout the LMRB during the water years (November–October) 1952–2015 are shown in
Figures S2–S4, respectively.

3.2. Dominant Patterns of Annual and Seasonal Precipitation

The first five EOFs of long‐term annual and seasonal precipitation patterns throughout the LMRB are listed
in Table 3. Approximately 35.2%, 56.2%, and 30.1% of the total variance in AP, DSP, and WSP, respectively,
across the LMRB were reflected in the first two EOFs (Table 3), which were then used for subsequent ana-
lysis and discussion. The first EOF (EOF1) component accounted for 26.6% of AP, 48.1% of DSP, and 18.7% of

Figure 3. Spatial distribution maps of absolute and relative trends as well as long‐term average values of (a, d, g) annual,
(b, e, h) dry season, and (c, f, i) wet season precipitation throughout the Lancang‐Mekong River Basin (LMRB)
during the water years (November–October) 1952–2015. The stippling in (a–f) indicates areas in which the trends are
statistically significant (p < 0.05). DSP and WSP denote precipitation during the dry (November–May) and wet
(June–October) seasons through the water year, respectively.
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WSP variability over the LMRB (Table 3). Meanwhile, the percentages of EOF1 for AP andWSP (DSP) across
theMRBwere lower (higher) than those across the LRB (Table 3). Hence, variations in AP andWSP over the
MRB are more complex than those over the LRB. The EOF1 of AP across the LMRB identified two positive
centers: (i) a strong high‐value center in the eastern LMRB and (ii) a relatively weak center in the
southwestern MRB (Figure 5a). Such a comparatively strong (weak) AP center was mainly associated with
the robust positive high‐value center of DSP (WSP) over the eastern (southwestern) MRB (Figures 5b
and 5c). The EOF2 components of AP, DSP, and WSP, however, were, respectively, approximately 8.6%,
8.1%, and 11.4% over the LMRB, but 19.4%, 23.0%, and 16.9% over the LRB and 8.6%, 8.1%, and 11.0% over
the MRB (Table 3). Accordingly, AP (DSP) was widely spread over the LMRB, with a negative (positive)
center at lower latitudes in the northeastern (southeastern) MRB (Figures 5d and 5e). This spatial pattern
was also found in WSP, with the exception of positive values in the southeastern and southwestern MRB
(Figure 5f).

Figure 6 shows the corresponding time coefficients (PC1 and PC2) of the first two EOF modes (EOF1 and
EOF2) identified for interannual and intra‐annual precipitation over the LMRB during the water years
1952–2015. Trend analysis determined no clear changes in the PC1 and PC2 of annual and seasonal precipi-
tation across the LMRB over time (Figure 6). The PC1 of AP, DSP, andWSPwas most significantly associated

Figure 4. Spatial distribution maps of the most influential climate teleconnection and Spearman's rank correlation (ρ)
for variations in (a, d) annual, (b, e) dry season, and (c, f) wet season precipitation throughout the Lancang‐Mekong
River Basin (LMRB) during the water years (November–October) 1952–2015. The stippling indicates areas in which the
correlations are statistically insignificant (p > 0.05). DSP and WSP denote precipitation during the dry (November–May)
and wet (June–October) seasons through the water year, respectively. Table 1 expresses the abbreviations of different
teleconnections.
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with the SASMI (ρ = −0.39), SOI (ρ = 0.52), and ISMI (ρ = 0.37), respectively (Figures 6a, 6c, and 6e). For
PC2, however, only WSP was in statistically significant relationships with different teleconnections, most
strongly with the SOI (ρ = −0.43) (Figures 6b, 6d, and 6f). The PDO was the second‐most influential
teleconnection for variations in the PC1s of AP and DSP over the LMRB, with ρ = −0.38 (Table 4).

3.3. Phase Difference Between Teleconnections and Precipitation Variability

Figures 7 and S5–S11 illustrate the WTCs for the first two PCs (PC1 and PC2) of AP, DSP, and WSP over the
LMRB and all of the 13 teleconnections considered in this study. The main results obtained by these WTCs
are listed in Tables S1–S6. In particular, Figures 7 and S5 represent the WTCs of the first three most influen-
tial teleconnections with the PC1 and PC2, respectively, of annual and seasonal precipitation across the
LMRB, although only the WTCs between these three influential teleconnections and the PC1 (as the most
important mode) of AP, DSP, andWSP (Figure 7) are discussed below to simplify and limit the length of this
manuscript.

On the interannual scale, the PC1 of AP throughout the LMRB generally exhibited significant coherences
with the SASMI, AO, and ISMI during the 1950s–1980s, andwith the SOI, PDO,WP, SCSMI, and EP/NP after
the mid‐1980s (Figures 7a–7c and S6). The significant coherence between the PC1 of AP and the SASMI was
mainly found in the 1‐ to 3‐year time scale (1954–1962, 1972–1980, and 1988–1991), with phase differences
from 0–10° (Figure 7a), indicating that the SASMI positively led the PC1 of AP in the LMRB by 0 (simulta-
neous) to 1 month, respectively. On the same interannual time scale (1–3 years), the coherences between
the PC1 of AP and the SOI were positively significant in the periods 1985–1988, 1996–1999, and 2008–2011
(Figure 7b), but with phase differences of 0° (simultaneous), 90° (lag of 3–9 months), and 0–20° (lag of
0–2 months), respectively (Table S1). The SOI also influenced the PC1 of AP on the 4‐ to 6‐year time
scale from 1997–2003 (Figure 7b), with the phase difference ranging from 0° (simultaneous) to 45° (lead of
6–9 months) (Table S1). For the period 1988–2008, the PC1 of AP exhibited significant negative coherences
with the PDO on the 5‐ to 8‐year time scale, with a −180° phase difference (Figure 7c), indicating simulta-
neous wet (dry) conditions associated with the mature negative (positive) PDOmode. Likewise, this telecon-
nection (PDO) was negatively influential for decadal (9‐ to 12‐year) variability in the PC1 of AP, with a lead
between 0 and 18–24 months. On the decadal time scale, the AO, NAO, EP/NP, and WNPMI also displayed
significant coherences with the PC1 of AP over the LMRB (Table S1).

On the interannual (decadal) time scale, the PC1 of DSP was significantly associated with the SOI, EP/NP,
PDO, and WNPMI after the early 1970s (1990s), and with the ISMI and SASMI before then (Figures 7d–7f
and S8). It mainly displayed significantly positive (negative) coherences with the SOI (PDO) on the 1‐ to
5‐year time scale from 1982 to 2008 (1969–1989) (Figures 7d and 7e), with phase differences from 0°
(−80°) to −20° (−90°), indicating lags between 0 (3–8) and 1–3 (6–15) months (Table S3). The SOI was also
a significant teleconnection simultaneously affecting variations in the PC1 of DSP on the 6‐ to 8‐year time
scale from 1994 to 2004 (Figure 7d). At the same time scale (6–8 years), the lags of EP/NP with the PC1 of
DSP ranged from 0 to 3–5 months from 1991 to 2005 (Figure 7f). Before the 1970s, however, the PC1 of
DSP exhibited significant relationships with the ISMI (SASMI) on the interannual time scale of 1–2 years

Table 3
Percentage of Variance Explained by the First Five Varimax Loadings (EOFs) of Annual and Seasonal Precipitation Throughout the LMRB, LRB, and MRB During
the Water Years (November–October) 1952–2015

EOF

LMRB LRB MRB

Annual
(November–
October)

Dry season
(November–

May)

Wet season
(June–
October)

Annual
(November–
October)

Dry season
(November–

May)

Wet season
(June–
October)

Annual
(November–
October)

Dry season
(November–

May)

Wet season
(June–
October)

EOF1 (%) 26.6 48.1 18.7 35.1 49.2 31.3 28.7 53.2 19.6
EOF2 (%) 8.6 8.1 11.4 19.4 23.0 16.9 8.6 8.1 11.0
EOF3 (%) 7.5 6.3 8.7 8.1 7.5 10.8 8.0 5.4 8.7
EOF4 (%) 6.6 4.1 6.8 6.3 4.2 7.7 6.7 3.5 7.6
EOF5 (%) 4.9 3.3 5.8 5.3 2.7 6.2 5.4 3.4 5.3
Total Value (%) 53.9 69.9 50.3 74.1 86.7 72.9 57.4 73.6 52.2

Note. EOF = Empirical Orthogonal Function; LMRB = Lancang‐Mekong River Basin; LRB = Lancang River Basin; MRB = Mekong River Basin.
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from 1954–1964 and 1970–1976 (1956–1964 and 1970–1976), with a phase difference ranging from 0–45°
(Table S3). On the decadal scale of 8–13 years, the PC1 of DSP showed significant coherences with the EP/
NP, PDO, and SOI from 1994–2004, 1994–2003, and 1983–2008, respectively (Figures 7d–7f), with
corresponding phase differences of −180° (negative simultaneous), 160° (lag of 5–9 months), and 0° to
−10° (lead time between 0 and 3–4 months) (Table S3). Similarly, the WNPMI (NAO) had a significant
negative coherence with the PC1 of DSP on the 10‐ to 14‐ (12 to 16) year decadal time scale from 1984–
2004 (1980–2000) (Figure S8), with a phase difference of −135°, indicating lags of 15–21 (18–24) months
(Table S3). Before the mid‐1990s, however, both the ISMI and SASMI were significant teleconnections
simultaneously exerting negative influences on the PC1 of DSP on the decadal scale of 10–14 years from
1964–1994 and 1966–1994, respectively (Figure S8 and Table S3).

In general, the PC1 of WSP was simultaneously associated with the AO before the 1970s, the SASMI and
ISMI during the 1980s, and the AMO in the 1990s on the interannual time scale of 1–3 years
(Figures 7g–7i and S10). The AO and ISMI also influenced interannual variability in the PC1 of WSP
throughout the LMRB from the late 2000s to the early 2010s, but with phase differences of 75–85° (lead time
between 3–5 and 3–6 months) and 45–60° (lead time between 2–5 and 2–6 months), respectively (Table S5).
On the interannual scale of 6–8 years, the AO,WP, AMO, and PDO exhibited significant coherences with the
PC1 of DSP from the late 1980s to the mid‐2000s (Figures 7i and S10). Accordingly, the phase difference was
0° for the AO, 45–90° for the WP and AMO, and −170 to −180 for the PDO (Table S5). On the decadal time

Figure 5. Spatial patterns of (a–c) EOF1 and (d–f) EOF2 throughout the Lancang‐Mekong River Basin (LMRB) during
the water years (November–October) 1952–2015 for (a, d) annual, (b, e) dry season, and (c, f) wet season
precipitation. EOF1 refers to the first mode of Empirical Orthogonal Function (EOF), while EOF2 to the second mode.
DSP and WSP denote precipitation during the dry (November–May) and wet (June–October) seasons through the
water year, respectively.
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scale of 9–12 years, the ISMI, SASMI, and AO were all influential teleconnections (Figures 7g–7i and S10),
with phase differences of 45°, 0–45°, and −90°, respectively (Table S5). The ISMI (AO) was also associated
with the PC1 of WSP on the decadal time scale of 16–22 years from 1974–1984 (Figures 7 and S10), with a
phase difference of 45° (180°) indicating a lead time of 24–33 (0) months (Table S5).

4. Discussion

This study found a significant increase in dry season (November–May) precipitation across the LMRB during
1952–2015, but no clear changes in wet season (June–October) and annual (November–October) precipita-
tion. This can be due to the relatively low contribution of DSP (~30%) to the annual precipitation over the
LMRB. Indeed, significant increasing trend found in DSP was not sufficient to cause substantial changes
in the annual precipitation in the LMRB. Similarly, some previous investigations also reported no clear
trends of AP and WSP over the LMRB, LRB, and MRB in recent decades (e.g., Grumbine et al., 2012;
Kiem et al., 2008; Lyon et al., 2017; Xue et al., 2011), but significant increases in DSP over the LRB (Fan &
He, 2015). Conversely, a number of other studies previously reported significant increasing trends in histor-
ical AP andWSP across the LMRB (A. Chen, Ho, et al., 2019; Delgado et al., 2010, 2012; Räsänen et al., 2012),
LRB (Fan & He, 2015), and MRB (Lutz et al., 2014). Such differences between previous research and this
study could be attributed to the selected stations, applied data sets, defined annual and seasonal time scales,
and study periods.

On both interannual and intra‐annual scales, drying and wetting tendencies in precipitation were funda-
mentally accompanied by substantial increases in precipitation variability throughout the LMRB, as
reported in previous studies (e.g., Delgado et al., 2012; Lutz et al., 2014; Räsänen et al., 2012). Such

Figure 6. Corresponding time coefficients (PCs) of the first two Empirical Orthogonal Function (EOF) modes with their
most influential teleconnections for (a, b) annual, (c, d) dry season, and (e, f) wet season precipitation throughout
the LMRB during the water years (November–October) 1952–2015. Dry and wet seasons referred to the periods
November–May and June–October during the water year, respectively. Teleconnections here are SASMI (South Asian
Summer Monsoon Index), SOI (Southern Oscillation Index), and ISMI (Indian Summer Monsoon Index).
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increases in precipitation variability can primarily be due to global warming, which strengthens both ocean
evaporation and terrestrial evapotranspiration rates, intensifying the regional water cycle (e.g., IPCC, 2013)
and consequently recycling the local moisture, leading to more precipitation (Zhang et al., 2017). Hence,
throughout the LMRB, significant increases in DSP were principally related to the weaker westerlies and
robust southerly winds, which are conducive to the northward transport of increased water vapor from
the western Pacific Ocean and the Indian Ocean (B. Chen, Zhang, et al., 2019 Xu et al., 2020; Zhang
et al., 2017). In general, the sources and transport pathways of atmospheric water vapor are driven by
climate teleconnections (Liu et al., 2020; Trenberth et al., 2003). In order to interpret such a complex role
of teleconnections, this study first used the EOF method to reduce the dimensionality of annual and
seasonal precipitation time series over the LMRB.

The spatial patterns in both the EOF1 and EOF2 of AP, DSP, and WSP highly resembled those in the
long‐term averages of annual and seasonal precipitation shown in Figures 3g–3i, particularly for either wet-
ter or drier conditions. In summary, it is suggested that the first two EOFs can represent the dominant pat-
terns of interannual and intra‐annual precipitation throughout the LMRB. However, since the EOF1s of AP,
DSP, and WSP were approximately 3, 5.9, and 1.6 times higher than those of the EOF2, respectively, the
EOF1 principally reflects the most important patterns of both annual and seasonal precipitation over the
LMRB. Similarly, Yang et al. (2019) reported that the EOF1 can individually expose the major pattern of
WSP variability over the LMRB using daily ERA‐Interim reanalysis data from the European Centre for
Medium‐range Weather Forecasts (ECMWF) (Dee et al., 2011; Simmons et al., 2004) from 1979 to 2016.
Yang et al. (2019) also showed, in agreement with this study, that such a leading mode (EOF1) of WSP
throughout the LMRB is nearly positive across the MRB, while it alternates between positive and negative
values over the LRB.

The most significant teleconnections influencing the EOF1s of AP, DSP, and WSP were highly consistent
with those displaying the strongest correlations with the annual and seasonal precipitation across the
basin‐scale of the LMRB. Accordingly, the SASMI, SOI, and ISMI showed the strongest relationships (all
positive) with historical variations in AP, DSP, and WSP as well as their EOF1s over this basin, respectively.
The SASMI consists of two main independent components (SASMI1 and SASMI2), with quite different con-
nections to the monsoon precipitation throughout South Asia (Li & Zeng, 2002). The SASMI2 has previously
shown significant positive correlations with summer (June–August) precipitation over the LMRB, particu-
larly the lower section (i.e., the MRB) (Li & Zeng, 2002). The present study also reflected such

Table 4
Spearman's Rank Correlations (ρ) Between the First Five Corresponding Time Coefficients (PCs) of Precipitation (Annual and Seasonal Scales) and Teleconnections
Throughout the LMRB During the Water Years (November–October) 1952–2015

Teleconnectionsb

Annual Seasonal

Water year (November–October) Dry (November–May) Wet (June–October)

PC1 PC2 PC3 PC4 PC5 PC1 PC2 PC3 PC4 PC5 PC1 PC2 PC3 PC4 PC5

AMO 0.29* −0.18 0.21 0.17 −0.33a 0.23 0.07 0.14 −0.18 0.28a 0.08 −0.16 0.28* −0.10 −0.14
AO 0.05 0.06 0.00 −0.02 0.20 0.04 −0.06 −0.12 0.15 −0.19 0.33* −0.17 −0.07 −0.05 −0.05
EP/NP −0.20 0.07 −0.31* −0.18 0.00 −0.33* 0.19 0.03 −0.21 −0.25* −0.11 0.11 −0.13 0.02 0.30a

NAO −0.08 0.18 −0.25 −0.11 0.24 −0.07 0.00 −0.10 0.22 −0.17 0.16 −0.03 −0.26 −0.05 0.04
PDO −0.38* 0.15 −0.19 0.02 0.02 −0.38* −0.03 −0.14 −0.08 −0.07 −0.20 0.30* −0.01 −0.02 0.11
SOI 0.32* −0.17 0.20 0.00 −0.03 0.52a −0.09 0.24a 0.18 0.00 0.03 −0.43a 0.11 −0.33a −0.08
TPI 0.18 −0.08 0.08 0.00 −0.13 0.11 0.03 0.01 0.01 0.13 0.24* −0.24 0.10 0.10 0.06
WP −0.13 0.03 0.07 0.07 0.10 −0.12 0.06 0.11 0.09 0.04 −0.02 −0.19 −0.21 0.00 −0.04
ISMI 0.21 −0.01 0.03 0.28a −0.04 −0.06 −0.23 −0.20 0.11 0.11 0.37a −0.05 0.25 −0.19 −0.09
WNPMI 0.23 0.09 −0.50a −0.19 −0.09 0.18 0.06 0.23 −0.10 −0.21 0.28* 0.23 −0.44a 0.12 −0.08
EASMI 0.24 0.08 −0.39* −0.23 0.06 0.28* 0.05 0.10 −0.09 −0.18 0.17 0.21 −0.40* 0.20 −0.16
SASMI 0.39a −0.17 −0.02 0.12 0.06 0.18 −0.21 −0.16 −0.11 −0.03 0.35* −0.13 0.01 0.06 −0.01
SCSMI 0.14 0.19 −0.38* −0.09 0.08 0.17 −0.01 0.17 −0.10 −0.17 0.11 0.31* −0.33* 0.22 −0.10

aStrongest (most) significant correlation: the highest absolute Spearman's rank correlation. bTeleconnections: Atlantic Multidecadal Oscillation (AMO), Arctic
Oscillation (AO), East Pacific/North Pacific (EP/NP), North Atlantic Oscillation (NAO), Pacific Decadal Oscillation (PDO), Southern Oscillation Index (SOI),
Tibetan Plateau Index (TPI), West Pacific (WP), Indian Summer Monsoon Index (ISMI), Western North Pacific Monsoon Index (WNPMI), East Asian
Summer Monsoon Index (EASMI), South Asian Summer Monsson Index (SASMI), and South China Sea Summer Monsoon Index (SCSMI) *Statistically
significant (p < 0.05).
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relationships by detecting significant positive correlations of the SASMI with WSP and its EOF1 over the
LMRB (mainly the MRB). Despite such association with WSP, the SASMI was specifically identified as the
most influential teleconnection for variations in AP and its EOF1 across the LMRB and MRB. This is
consistent with the previous study by Li and Zeng (2002), which reported that the SASMI is highly
effective for clarifying interannual variability in the ISM, which principally has significantly positive
relationships with WSP variability throughout the LMRB, particularly the western MRB (Delgado
et al., 2012; Xue et al., 2011; Yang et al., 2019). Similarly, the present study identified the ISMI as the
strongest teleconnection positively influencing WSP and its EOF1 over both the LMRB and MRB. In
agreement with previous investigations (Juneng & Tangang, 2005; Räsänen et al., 2016; Räsänen &
Kummu, 2013; Wang et al., 2000), this study also found that the strong positive/negative SOI events (La
Niña/El Niño) generally increased/decreased DSP and its EOF1 over the LMRB, especially the MRB.

Generally speaking, positive/negative anomalies of AP over the LMRB were simultaneously associated with
the positive/negative SASMI during the period before the mid‐1980s. The influence of the SASMI on the
atmospheric water vapor transport pathway is generally related to the considerable thermal gradients
between the warm Asian continent to the north (low pressure) and the cooler water bodies (most impor-
tantly the Arabian Sea, Indian Ocean, and Bay of Bengal) to the south (high pressure). Accordingly, the
strong southwesterly winds bring a significant supply of water vapor into the LMRB, particularly the south-
western and southern MRB, resulting in heavier summer precipitation over these areas (Li & Zeng, 2002).
Consistent with the present study, Li and Zeng (2005) also reported a significant weakening trend in the
intensity of the SASMI since the mid‐1980s. This can be related to the Arabian Sea warming, which

Figure 7. Wavelet transform coherence and phase differences for the first three most significant teleconnections and
the first EOF (PC1) mode of (a–c) AP, (d–f) DSP, and (g, h) WSP over the Lancang‐Mekong river Basin (LMRB). The PC1
of AP was most signifcantly associated with (a) SASMI, (b) SOI, and (c) PDO; the PC1 of DSP with (d) SOI, (e) PDO,
and (f) EP/NP; and the PC1of WSP with (g) ISMI, (h) SASMI, and (i) AO. The color bar indicates squared wavelet
coherence. Thick contours denote the 5% significance level against red noise. The cone of influence (COI), in which
edge effects might distort the results, is marked in a lighter shade. The relative phase relationship is shown as small
arrows, with in‐phase (positive) pointing right (0°) and antiphase (negative) pointing left (180°). The first time series
leads (lags) the second by 90°, pointing downward (upward). Table 1 expresses the abbreviations of different
teleconnections. AP, DSP, and WSP refer to precipitation during the water year (November–October), the dry
(November–May), and wet (June–October) seasons, respectively.
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decreases the power of westerlies over the southern Bay of Bengal and the Arabian Sea; increases the con-
vergence of moisture across the Arabian Sea; indirectly prohibits the moisture‐laden winds coming from
the Arabian Sea toward the land regions, thereby decreasing precipitation; and produces an anticyclonic cir-
culation over the land, amplifying monsoon precipitation reduction over the southwestern and southern
LMRB (Mishra et al., 2020).

After the mid‐1980s, the positive/negative SOI (La Niña/El Niño) events preceded abnormally wetter/drier
AP over the LMRB by approximately 0–9 months. The significant coherences between AP and the SOI over
the LMRB since the mid‐1980s may essentially be related to the substantial positive coherences of the SOI
with DSP after the early 1980s, indicating that the positive/negative SOI (La Niña/El Niño) events simulta-
neously increase/decrease DSP across this basin. During La Niña/El Niño events, the southeast to southwest
Pacific Ocean temperature difference increases/decreases, which generally strengthens/weakens theWalker
circulation and the trade winds. With the higher/lower ocean temperatures, Southeast Asia (partially
including the LMRB) experiences more/less evaporation and clouds, and consequently more/less precipi-
tation (e.g., Cherchi & Navarra, 2013; Hrudya et al., 2020; Juneng & Tangang, 2005; Räsänen et al., 2016;
Räsänen & Kummu, 2013). During La Niña/El Niño events, the temperatures over the Arabian Sea,
Indian Ocean, and the Bay of Bengal also remain cooler/warmer than normal. Hence, the pressure differ-
ence between these large water bodies to the south and the Asian landmass to the north is high (low) and
substantially intensifies (moderates) the flow of atmospheric water vapor toward the LMRB, resulting
in increased/decreased precipitation across this basin, particularly in the southwestern and southern
sections (e.g., Cherchi & Navarra, 2013; Hrudya et al., 2020).

Consistent with previous investigations (Delgado et al., 2012; Tsai et al., 2015; Xue et al., 2011; Yang
et al., 2019), this study also found that the ISMI is themost significant teleconnection positively affecting var-
iations in WSP throughout the LMRB, particularly the MRB. During the strong positive ISMI phase, the
South China Sea and Bay of Bengal are dominated by positive anomalies of diabatic heating. Accordingly,
the anomalous easterlies in the South China Sea and the significantly anomalous westerlies in the Bay of
Bengal, which transport more warm‐wet atmospheric water vapor, induce significantly strong convergence
and ascendingmotion over the LMRB. This essentially increasesWSP over the LMRB, particularly across the
MRB (Yang et al., 2019).

Many different factors are involved in the complex driving mechanism of regional precipitation variability,
including solar radiation changes, climate system structures (e.g., the periodicity in climate oscillations),
geographical features (e.g., longitude, latitude, and elevation), oceanic‐atmospheric circulation patterns
(e.g., the SOI and AO), and human activities (anthropogenic aerosols) (Lu et al., 2014; Ma et al., 2018;
Qian et al., 2009). There are also disputes concerning studies focusing specifically on the role of these fac-
tors in precipitation variability over different parts of the world. For the LMRB, identifying the strongest
influential teleconnections for annual and seasonal precipitation, particularly WSP, has recently received
considerable attention as an important debate in international research communities. Some scientists
believe it is the SOI (e.g., Räsänen et al., 2016; Räsänen & Kummu, 2013), while others mention the
PDO (e.g., Chen et al., 2018; Verdon & Franks, 2006) and ISMI (e.g., Tsai et al., 2015; Yang et al., 2019).
The present study, however, found that the roles of climate teleconnections in precipitation variability
over the LMRB are different, but interdependent. This is in agreement with the results of Liu et al. (2016),
who concluded that regional precipitation variability is primarily attributable to the integrated effect of all of
these climate teleconnections. Accordingly, large‐scale teleconnections significantly influence DSP variabil-
ity over the LMRB, while playing small or no clear role in WSP fluctuations, which are strongly associated
with summer monsoons. Although such knowledge is beneficial for understanding oceanic‐atmospheric
circulation patterns controlling regional/local precipitation variability on different time scales, the interrela-
tionships among teleconnections and their combined effects on annual and seasonal precipitation (particu-
larly across the LMRB) require further and deeper investigation in the future.

5. Conclusions

This study investigated climate teleconnections influencing spatiotemporal patterns in interannual and
intra‐annual precipitation throughout the LMRB during the water years 1952–2015. The following major
conclusions were drawn:
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1. On the basin scale, the only significant trend was an increase in historical DSP across the LMRB, which
was simultaneously contributed by a significant wetting trend in DSP over the LRB. According to
the relative trends, such a significant increase in DSP over the LRB was also more noticeable than
the increase over the LMRB. Typically, DSP contributed approximately 24.3–26.3% to AP across the
LMRB, MRB, and LRB. Despite such a low contribution, both the maximum DSP and AP amounts over
all of the three basins occurred in the water year 2000.

2. Spatially, significant wetting trends in AP throughout the northern LRB were accompanied by relatively
wet dry seasons during the water years 1952–2015. However, the significant increases (decreases) in his-
torical AP found across the northeastern (most western) MRB were primarily driven by wetting (drying)
trends of WSP in recent decades. Analysis of the spatiotemporal precipitation variability throughout the
LMRB indicated that all of the AP, DSP, andWSP typically increased from the northern LRB to the south-
ern MRB, while there was a decreasing gradient from east to west. Accordingly, the contribution of WSP
(DSP) to AP was relatively high (low), approximately 85–90% (25–35%), across the eastern and northeast-
ern MRB, as well as the northern and southeastern LRB (the southern and southwestern MRB).

3. Accounting for more than 30% of the total variance, two dominant patterns (EOF1 and EOF2) of annual
and seasonal precipitation were highly consistent with the spatial distributions of typical AP, DSP, and
WSP over the LMRB. The most important precipitation structure (EOF1) of AP identified (i) a strong
positive center in the eastern MRB accompanied by a robust positive EOF1 value of DSP, and (ii) a rela-
tively weak positive center over the southwesternMRB that was supplemented by the substantial positive
EOF1 value of WSP. The EOF1 values, however, revealed that variations in AP and WSP (DSP) over the
MRB were more complex (identifiable) than those over the LRB.

4. Themost predominant pattern (PC1) of AP across the LMRBwas significantly associated with the SASMI
during the 1950s–1980s and the SOI (PDO) after the mid‐1980s on the 1‐ to 3‐ (approximately 5 to 8) year
interannual scale, andwith the PDO from1964 to 2004 on the decadal (9‐ to 12‐year) time scale. The PC1 of
DSP on the interannual (decadal) time scale was significantly associated with (i) the ISMI and SASMI
before the early 1970s (1990s) based on the lags between 0 and 2–3 months (simultaneous), and (ii) the
EP/NP, PDO, and SOI after the 1970s (1990s), with lags ranging from 0 to 3–5months (simultaneous), lead
times between 3–8 and 6–15 months (simultaneous), and lags between 1–3 and 3–6 (0 and 3–4) months,
respectively. For WSP, the PC1 was simultaneously associated with the AO before the 1970s, the SASMI
and ISMI through the 1980s, and the AMO during the 1990s on the interannual scale of 1–3 years. Both
the AO and SASMI also displayed significant coherences on the decadal‐scale of 16–22 years from 1974
to 1984, with lead times of 0 and 24–33 months, respectively.

5. Spatially, most significant teleconnections correlating with AP and DSP (WSP) were the same over
the sections of the LMRB in which the contribution of DSP (WSP) to AP was approximately 25–35%
(85–90%). Accordingly, both DSP and AP were most significantly connected to the SOI over the
southern and southwestern LMRB. The WSP and AP, however, exhibited the strongest correlations with
the WNPMI (SASMI) over the eastern (northeastern) MRB, and the AMO (TPI) across the northern
(uppermost northern) LRB.

References
Andersson, E., Bauer, P., Beljaars, A., Chevallier, F., Hólm, E., Janisková, M., et al. (2005). Assimilation and modeling of the atmospheric

hydrological cycle in the ECMWF forecasting system. Bulletin of the American Meteorological Society, 86(3), 387–402. https://doi.org/
10.1175/BAMS‐86‐3‐387

Angélil, O., Stone, D., Wehner, M., Paciorek, C. J., Krishnan, H., & Collins, W. (2017). An independent assessment of anthropogenic
attribution statements for recent extreme temperature and rainfall events. Journal of Climate, 30, 5–16. https://doi.org/10.1175/JCLI‐D‐
16‐0077.1

Asong, Z. E., Wheater, H. S., Bonsal, B., Razavi, S., & Kurkute, S. (2018). Historical drought patterns over Canada and their teleconnections
with large‐scale climate signals. Hydrology and Earth System Sciences, 22, 3105–3124. https://doi.org/10.5194/hess‐22‐3105‐2018

Barnston, A. G., & Livezey, R. E. (1987). Classification, seasonality and persistence of low‐frequency atmospheric circulation patterns.
Monthly Weather Review, 115(6), 1083–1126. https://doi.org/10.1175/1520‐0493(1987)115<1083:CSAPOL>2.0.CO;2

Barros, V. R., Field, C. B., Dokken, D. J., Mastrandrea, M. D., Mach, K. J., Bilir, T. E., et al. (2014). Climate change 2014 impacts, adaptation,
and vulnerability Part B: Regional aspects: Working group ii contribution to the fifth assessment report of the intergovernmental panel
on climate change. Climate Change 2014: Impacts, Adaptation and Vulnerability: Part B: Regional Aspects: Working Group II
Contribution to the Fifth Assessment Report of the Intergovernmental Panel on Climate Change. https://doi.org/10.1017/
CBO9781107415386

Bates, B. C., Kundzewicz, Z. W., Wu, S., & Palutikof, J. P. (2008). Climate change and water. Technical Paper of the Intergovernmental
Panel on Climate Change (IPCC). https://doi.org/10.1016/j.jmb.2010.08.039

10.1029/2020JD033331Journal of Geophysical Research: Atmospheres

IRANNEZHAD ET AL. 16 of 20

Acknowledgments
This study was financially supported by
the Strategic Priority Research Program
of the Chinese Academy of Sciences
(Grant No. XDA20060401). This project
was also partially funded by the
National Natural Science Foundation of
China (Grant No. 41625001), the
High‐level Special Funding of the
Southern University of Science and
Technology (Grant Nos. G02296302 and
G02296402), the Guangdong Provincial
Key Laboratory of Soil and
Groundwater Pollution Control
(Grant No. 2017B030301012), and the
State Environmental Protection Key
Laboratory of Integrated Surface
Water‐Groundwater Pollution Control.
J. L. is grateful to the following pro-
grams: the Pengcheng Scholar
Program of Shenzhen, the National
High‐level Talents Special Support
Plan (“Ten Thousand Talents Plan”),
and the Leading Innovative Talent
Program for young and middle‐aged
scholars by the Ministry of Science and
Technology. Finally, the Deutscher
Wetterdienst (DWD, National
Meteorological Service of Germany) is
acknowledged for operating the GPCC
data sets (https://www.dwd.de/EN/
ourservices/gpcc/gpcc.html).

https://doi.org/10.1175/BAMS-86-3-387
https://doi.org/10.1175/BAMS-86-3-387
https://doi.org/10.1175/JCLI-D-16-0077.1
https://doi.org/10.1175/JCLI-D-16-0077.1
https://doi.org/10.5194/hess-22-3105-2018
https://doi.org/10.1175/1520-0493(1987)115%3C1083:CSAPOL%3E2.0.CO;2
https://doi.org/10.1017/CBO9781107415386
https://doi.org/10.1017/CBO9781107415386
https://doi.org/10.1016/j.jmb.2010.08.039
https://www.dwd.de/EN/ourservices/gpcc/gpcc.html
https://www.dwd.de/EN/ourservices/gpcc/gpcc.html


Becker, A., Finger, P., Meyer‐Christoffer, A., Rudolf, B., Schamm, K., Schneider, U., & Ziese, M. (2013). A description of the global
land‐surface precipitation data products of the Global Precipitation Climatology Centre with sample applications including centennial
(trend) analysis from 1901‐present. Earth System Science Data, 5, 71–99. https://doi.org/10.5194/essd‐5‐71‐2013

Bengtsson, L. (2010). The global atmospheric water cycle. Environmental Research Letters, 5, 025202. https://doi.org/10.1088/1748‐9326/5/
2/025202

Berghuijs, W. R., Larsen, J. R., van Emmerik, T. H. M., & Woods, R. A. (2017). A global assessment of runoff sensitivity to changes in
precipitation, potential evaporation, and other factors.Water Resources Research, 53, 8475–8486. https://doi.org/10.1002/2017WR021593

Caesar, J., Alexander, L. V., Trewin, B., Tse‐ring, K., Sorany, L., Vuniyayawa, V., et al. (2011). Changes in temperature and precipitation
extremes over the Indo‐Pacific region from 1971 to 2005. International Journal of Climatology, 31(6), 791–801. https://doi.org/10.1002/
joc.2118

Cannarozzo, M., Noto, L. V., & Viola, F. (2006). Spatial distribution of rainfall trends in Sicily (1921–2000). Physics and Chemistry of the
Earth, 31(18), 1201–1211. https://doi.org/10.1016/j.pce.2006.03.022

Chen, A., Chen, D., & Azorin‐Molina, C. (2018). Assessing reliability of precipitation data over the Mekong River Basin: A comparison of
ground‐based, satellite, and reanalysis datasets. International Journal of Climatology, 38, 4314–4334. https://doi.org/10.1002/joc.5670

Chen, A., Ho, C.‐H., Chen, D., & Azorin‐Molina, C. (2019). Tropical cyclone rainfall in the Mekong River Basin for 1983–2016. Atmospheric
Research, 226, 66–75. https://doi.org/10.1016/j.atmosres.2019.04.012

Chen, B., Zhang, W., Yang, S., & Xu, X. D. (2019). Identifying and contrasting the sources of the water vapor reaching the subregions of the
Tibetan Plateau during the wet season. Climate Dynamics, 53, 6891–6907. https://doi.org/10.1007/s00382‐019‐04963‐2

Cherchi, A., & Navarra, A. (2013). Influence of ENSO and of the Indian Ocean Dipole on the Indian summer monsoon variability. Climate
Dynamics, 41, 81–103. https://doi.org/10.1007/s00382‐012‐1602‐y

Chi, X., Yin, Z., Wang, X., & Sun, Y. (2016). Spatiotemporal variations of precipitation extremes of China during the past 50 years
(1960–2009). Theoretical and Applied Climatology, 124, 555–564. https://doi.org/10.1007/s00704‐015‐1436‐8

Choi, J. H., Yoon, T. H., Kim, J. S., & Moon, Y. I. (2018). Dam rehabilitation assessment using the Delphi‐AHP method for adapting to
climate change. Journal of Water Resources Planning and Management, 144, 06017007. https://doi.org/10.1061/(ASCE)WR.1943‐
5452.0000877

Dee, D. P., Uppala, S. M., Simmons, A. J., Berrisford, P., Poli, P., Kobayashi, S., et al. (2011). The ERA‐Interim reanalysis: Configuration and
performance of the data assimilation system. Quarterly Journal of the Royal Meteorological Society, 137(656), 553–597. https://doi.org/
10.1002/qj.828

Delgado, J. M., Apel, H., & Merz, B. (2010). Flood trends and variability in the Mekong river. Hydrology and Earth System Sciences, 14(3),
407–418. https://doi.org/10.5194/hess‐14‐407‐2010

Delgado, J. M., Merz, B., & Apel, H. (2012). A climate‐flood link for the lower Mekong River. Hydrology and Earth System Sciences, 16(5),
1533–1541. https://doi.org/10.5194/hess‐16‐1533‐2012

Ding, Z., Lu, R., & Wang, Y. (2019). Spatiotemporal variations in extreme precipitation and their potential driving factors in non‐monsoon
regions of China during 1961‐2017. Environmental Research Letters, 14, 024005. https://doi.org/10.1088/1748‐9326/aaf2ec

Du, H., Alexander, L. V., Donat, M. G., Lippmann, T., Srivastava, A., Salinger, J., et al. (2019). Precipitation from persistent extremes is
increasing in most regions and globally. Geophysical Research Letters, 46, 6041–6049. https://doi.org/10.1029/2019GL081898

Dugan, P. J., Barlow, C., Agostinho, A. A., Baran, E., Cada, G. F., Chen, D., et al. (2010). Fish migration, dams, and loss of ecosystem
services in the Mekong basin. Ambio, 39(4), 344–348. https://doi.org/10.1007/s13280‐010‐0036‐1

Enfield, D. B., Mestas‐Nuñez, A. M., & Trimble, P. J. (2001). The Atlantic multidecadal oscillation and its relation to rainfall and river flows
in the continental U.S. Geophysical Research Letters, 28(10), 2077–2080. https://doi.org/10.1029/2000GL012745

Fan, H., & He, D. (2015). Temperature and precipitation variability and its effects on streamflow in the upstream regions of the
Lancang‐Mekong and Nu‐Salween Rivers. Journal of Hydrometeorology, 16, 2248–2263. https://doi.org/10.1175/JHM‐D‐14‐0238.1

Fan, X., & Luo, X. (2019). Precipitation and flow variations in the Lancang‐Mekong River Basin and the implications of monsoon fluc-
tuation and regional topography. Watermark, 11, 2086. https://doi.org/10.3390/w11102086

Flato, G., Marotzke, J., Abiodun, B., Braconnot, P., Chou, S. C., Collins, W., et al. (2013). Chapter 9: Evaluation of climate models. In
Climate Change 2013: The Physical Science Basis. Contribution of Working Group I to the Fifth Assessment Report of the Intergovernmental
Panel on Climate Change. Cambridge, United Kingdom and New York, NY, USA: Cambridge University Press.

Food and Agriculture Organization. (2011). AQUASTAT Transboundary River Basins – Mekong River Basin. Food and Agriculture
Organization of the United Nations (FAO) Rome, Italy.

Fujinami, H., Yasunari, T., & Watanabe, T. (2016). Trend and interannual variation in summer precipitation in eastern Siberia in recent
decades. International Journal of Climatology, 36, 355–368. https://doi.org/10.1002/joc.4352

Gong, Z., Dogar, M. M., Qiao, S., Hu, P., & Feng, G. (2018). Assessment and correction of BCC_CSM's performance in capturing leading
modes of summer precipitation over North Asia. International Journal of Climatology, 38, 2201–2214. https://doi.org/10.1002/joc.5327

Grinsted, A., Moore, J. C., & Jevrejeva, S. (2004). Application of the cross wavelet transform and wavelet coherence to geophysical time
series. Nonlinear Processes in Geophysics, 11(5/6), 561–566. https://doi.org/10.5194/npg‐11‐561‐2004

Grumbine, R. E., Dore, J., & Xu, J. (2012). Mekong hydropower: Drivers of change and governance challenges. Frontiers in Ecology and the
Environment, 10(2), 91–98. https://doi.org/10.1890/110146

Gu, X., Zhang, Q., Singh, V. P., & Shi, P. (2017). Changes in magnitude and frequency of heavy precipitation across China and its potential
links to summer temperature. Journal of Hydrology, 547, 718–731. https://doi.org/10.1016/j.jhydrol.2017.02.041

Guhathakurta, P., Sreejith, O. P., & Menon, P. A. (2011). Impact of climate change on extreme rainfall events and flood risk in India.
Journal of Earth System Science, 120(3), 359–373. https://doi.org/10.1007/s12040‐011‐0082‐5

Gupta, A., Hock, L., Xiaojing, H., & Ping, C. (2002). Evaluation of part of theMekong River using satellite imagery.Geomorphology, 44(3–4),
221–239. https://doi.org/10.1016/S0169‐555X(01)00176‐3

Hannachi, A., Jolliffe, I. T., & Stephenson, D. B. (2007). Empirical orthogonal functions and related techniques in atmospheric science: A
review. International Journal of Climatology, 27(9), 1119–1152. https://doi.org/10.1002/joc.1499

Hasson, S. U., Pascale, S., Lucarini, V., & Böhner, J. (2016). Seasonal cycle of precipitation over major river basins in South and Southeast
Asia: A review of the CMIP5 climate models data for present climate and future climate projections. Atmospheric Research, 180, 42–63.
https://doi.org/10.1016/j.atmosres.2016.05.008

Helsel, D. R., & Hirsch, R. M. (1992). Statistical methods in water resources. Statistical Methods in Water Resources, 36(3), 323. https://doi.
org/10.2307/1269385

Hortle, K. G. (2007). Consumption and the yield of fish and other aquatic animals from the Lower Mekong Basin. MRC Technical
Paper No. 16.

10.1029/2020JD033331Journal of Geophysical Research: Atmospheres

IRANNEZHAD ET AL. 17 of 20

https://doi.org/10.5194/essd-5-71-2013
https://doi.org/10.1088/1748-9326/5/2/025202
https://doi.org/10.1088/1748-9326/5/2/025202
https://doi.org/10.1002/2017WR021593
https://doi.org/10.1002/joc.2118
https://doi.org/10.1002/joc.2118
https://doi.org/10.1016/j.pce.2006.03.022
https://doi.org/10.1002/joc.5670
https://doi.org/10.1016/j.atmosres.2019.04.012
https://doi.org/10.1007/s00382-019-04963-2
https://doi.org/10.1007/s00382-012-1602-y
https://doi.org/10.1007/s00704-015-1436-8
https://doi.org/10.1061/(ASCE)WR.1943-5452.0000877
https://doi.org/10.1061/(ASCE)WR.1943-5452.0000877
https://doi.org/10.1002/qj.828
https://doi.org/10.1002/qj.828
https://doi.org/10.5194/hess-14-407-2010
https://doi.org/10.5194/hess-16-1533-2012
https://doi.org/10.1088/1748-9326/aaf2ec
https://doi.org/10.1029/2019GL081898
https://doi.org/10.1007/s13280-010-0036-1
https://doi.org/10.1029/2000GL012745
https://doi.org/10.1175/JHM-D-14-0238.1
https://doi.org/10.3390/w11102086
https://doi.org/10.1002/joc.4352
https://doi.org/10.1002/joc.5327
https://doi.org/10.5194/npg-11-561-2004
https://doi.org/10.1890/110146
https://doi.org/10.1016/j.jhydrol.2017.02.041
https://doi.org/10.1007/s12040-011-0082-5
https://doi.org/10.1016/S0169-555X(01)00176-3
https://doi.org/10.1002/joc.1499
https://doi.org/10.1016/j.atmosres.2016.05.008
https://doi.org/10.2307/1269385
https://doi.org/10.2307/1269385


Hrudya, P. H., Varikoden, H., & Vishnu, R. (2020). A review on the Indian summer monsoon rainfall, variability and its association with
ENSO and IOD. Meteorology and Atmospheric Physics. https://doi.org/10.1007/s00703‐020‐00734‐5

Immerzeel, W. W., van Beek, L. P. H., Konz, M., Shrestha, A. B., & Bierkens, M. F. P. (2012). Hydrological response to climate change in a
glacierized catchment in the Himalayas. Climatic Change, 110(3–4), 721–736. https://doi.org/10.1007/s10584‐011‐0143‐4

Intergovernmental Panel on Climate Change. (2014). Part A: Global and sectoral aspects. (Contribution of Working Group II to the Fifth
Assessment Report of the Intergovernmental Panel on Climate Change). Climate Change 2014: Impacts, Adaptation, and Vulnerability.

IPCCWorking Group 1, Stocker, T. F., Qin, D., Plattner, G.‐K., Tignor, M., Allen, S. K., et al. (2013). IPCC, 2013: Climate change 2013: The
physical science basis. In Contribution of Working Group I to the Fifth Assessment Report of the Intergovernmental Panel on Climate
Change. IPCC (pp. 1–1585). Cambridge, United Kingdom and New York, NY, USA: Cambridge University Press.

Iz, H. B. (2018). Is the global sea surface temperature rise accelerating? Geodesy and Geodynamics, 9, 432–438. https://doi.org/10.1016/j.
geog.2018.04.002

Jacobs, J. W. (2002). The Mekong River commission: Transboundary water resources planning and regional security. The Geographical
Journal, 168(4), 354–364. https://doi.org/10.1111/j.0016‐7398.2002.00061.x

Jevrejeva, S., Moore, J. C., & Grinsted, A. (2003). Influence of the Arctic Oscillation and El Niño‐Southern Oscillation (ENSO) on ice
conditions in the Baltic Sea: The wavelet approach. Journal of Geophysical Research, 108(D21), 4677. https://doi.org/10.1029/
2003JD003417

Jiang, R., Gan, T. Y., Xie, J., & Wang, N. (2014). Spatiotemporal variability of Alberta's seasonal precipitation, their teleconnection with
large‐scale climate anomalies and sea surface temperature. International Journal of Climatology, 34, 2899–2917. https://doi.org/10.1002/
joc.3883

Jiang, R., Wang, Y., Xie, J., Zhao, Y., Li, F., & Wang, X. (2019). Assessment of extreme precipitation events and their teleconnections to El
Niño Southern Oscillation, a case study in the Wei River Basin of China. Atmospheric Research, 218, 372–384. https://doi.org/10.1016/j.
atmosres.2018.12.015

Juneng, L., & Tangang, F. T. (2005). Evolution of ENSO‐related rainfall anomalies in Southeast Asia region and its relationship with
atmosphere‐ocean variations in Indo‐Pacific sector. Climate Dynamics, 25(4), 337–350. https://doi.org/10.1007/s00382‐005‐0031‐6

Kendall, M. G. (1975). Rank correlation methods. Biometrika, 44(1/2), 298. https://doi.org/10.2307/2333282
Kiem, A. S., Ishidaira, H., Hapuarachchi, H. P., Zhou, M. C., Hirabayashi, Y., & Takeuchi, K. (2008). Future hydroclimatology of the

Mekong River basin simulated using the high‐resolution Japan Meteorological Agency (JMA) AGCM. Hydrological Processes, 22(9),
1382–1394. https://doi.org/10.1002/hyp.6947

Li, J., & Zeng, Q. (2002). A unified monsoon index. Geophysical Research Letters, 29(8), 1274. https://doi.org/10.1029/2001GL013874
Li, J., & Zeng, Q. (2003). A new monsoon index and the geographical distribution of the global monsoons. Advances in Atmospheric

Sciences. https://doi.org/10.1007/s00376‐003‐0016‐5
Li, J., & Zeng, Q. (2005). A new monsoon index, its interannual variability and relation with monsoon precipitation. Climate Change

Research, 10. https://doi.org/10.3878/j.issn.1006‐9585.2005.03.09
Liu, A., Soneja, S. I., Jiang, C., Huang, C., Kerns, T., Beck, K., et al. (2017). Frequency of extreme weather events and increased risk of motor

vehicle collision in Maryland. Science of the Total Environment, 580, 550–555. https://doi.org/10.1016/j.scitotenv.2016.11.211
Liu, B., Tan, X., Gan, T. Y., Chen, X., Lin, K., Lu, M., & Liu, Z. (2020). Global atmospheric moisture transport associated with precipitation

extremes: Mechanisms and climate change impacts. WIREs Water, 7, e1412. https://doi.org/10.1002/wat2.1412
Liu,W., Wang, L., Chen, D., Tu, K., Ruan, C., & Hu, Z. (2016). Large‐scale circulation classification and its links to observed precipitation in

the eastern and central Tibetan Plateau. Climate Dynamics, 46, 3481–3497. https://doi.org/10.1007/s00382‐015‐2782‐z
Lorenz, E. N. (1956). Empirical orthogonal functions and statistical weather prediction. Technical Report Statistical Forecast Project Report

1 Department of Meteorology MIT 49.
Lu, X. X., Li, S., Kummu, M., Padawangi, R., &Wang, J. J. (2014). Observed changes in the water flow at Chiang Saen in the lower Mekong:

Impacts of Chinese dams? Quaternary International, 336, 145–157. https://doi.org/10.1016/j.quaint.2014.02.006
Lutz, A., Terink, W., Droogers, P., Immerzeel, W., & Piman, T. (2014). Development of baseline climate data set and trend analysis in the

Mekong Basin. Bulletin of the American Meteorological Society, 88, 1383–1394. https://doi.org/10.1175/BAMS‐88‐9‐1383
Lyon, S. W., King, K., Polpanich, O.‐U., & Lacombe, G. (2017). Assessing hydrologic changes across the Lower Mekong Basin. Journal of

Hydrology: Regional Studies, 12, 303–314. https://doi.org/10.1016/j.ejrh.2017.06.007
Ma, Y., Lu, M., Chen, H., Pan, M., & Hong, Y. (2018). Atmospheric moisture transport versus precipitation across the Tibetan Plateau: A

mini‐review and current challenges. Atmospheric Research, 209, 50–58. https://doi.org/10.1016/j.atmosres.2018.03.015
Mann, H. B. (1945). Non‐parametric test against trend. Econometrica, 13(3), 245. https://doi.org/10.2307/1907187
McVicar, T. R., Van Niel, T. G., Li, L. T., Hutchinson, M. F., Mu, X. M., & Liu, Z. H. (2007). Spatially distributing monthly reference eva-

potranspiration and pan evaporation considering topographic influences. Journal of Hydrology, 338(3–4), 196–220. https://doi.org/
10.1016/j.jhydrol.2007.02.018

Mirza, M. M. Q. (2003). Climate change and extreme weather events: Can developing countries adapt? Climate Policy, 3(3), 233–248.
https://doi.org/10.1016/S1469‐3062(03)00052‐4

Mishra, A. K., Dwivedi, S., & Das, S. (2020). Role of Arabian Sea warming on the Indian summer monsoon rainfall in a regional climate
model. International Journal of Climatology, 40(4), 2226–2238. https://doi.org/10.1002/joc.6328

Mishra, V., Wallace, J. M., & Lettenmaier, D. P. (2012). Relationship between hourly extreme precipitation and local air temperature in the
United States. Geophysical Research Letters, 39, L16403. https://doi.org/10.1029/2012GL052790

MRC. (2005). Overview of the Hydrology of the Mekong Basin. Retrieved from http://www.mekonginfo.org/assets/midocs/0001968-
inland-waters‐overview‐of‐the‐hydrology‐of‐the‐mekong‐basin.pdf

MRC. (2010). Mekong River Commission: State of the Basin Report 2010.
MRC. (2015). Annual Mekong Flood Report 2013. Vientiane Lao PDR.
Mukherjee, S., Aadhar, S., Stone, D., & Mishra, V. (2018). Increase in extreme precipitation events under anthropogenic warming in India.

Weather and Climate Extremes, 20, 45–53. https://doi.org/10.1016/j.wace.2018.03.005
North, G. R., Bell, T. L., Cahalan, R. F., & Moeng, F. J. (1982). Sampling errors in the estimation of empirical orthogonal functions.Monthly

Weather Review, 110(7), 699–706. https://doi.org/10.1175/1520‐0493(1982)110<0699:seiteo>2.0.co;2
O'Gorman, P. A., & Schneider, T. (2009). The physical basis for increases in precipitation extremes in simulations of 21st‐century climate

change. Proceedings of the National Academy of Sciences of the United States of America, 106, 14,773–14,777. https://doi.org/10.1073/
pnas.0907610106

Ono, K., Kazama, S., Gunawardhana, L. N., & Kuraji, K. (2013). An investigation of extreme daily rainfall in the Mekong River Basin using
a gridded precipitation dataset. Hydrological Research Letters, 7, 66–72. https://doi.org/10.3178/hrl.7.66

10.1029/2020JD033331Journal of Geophysical Research: Atmospheres

IRANNEZHAD ET AL. 18 of 20

https://doi.org/10.1007/s00703-020-00734-5
https://doi.org/10.1007/s10584-011-0143-4
https://doi.org/10.1016/j.geog.2018.04.002
https://doi.org/10.1016/j.geog.2018.04.002
https://doi.org/10.1111/j.0016-7398.2002.00061.x
https://doi.org/10.1029/2003JD003417
https://doi.org/10.1029/2003JD003417
https://doi.org/10.1002/joc.3883
https://doi.org/10.1002/joc.3883
https://doi.org/10.1016/j.atmosres.2018.12.015
https://doi.org/10.1016/j.atmosres.2018.12.015
https://doi.org/10.1007/s00382-005-0031-6
https://doi.org/10.2307/2333282
https://doi.org/10.1002/hyp.6947
https://doi.org/10.1029/2001GL013874
https://doi.org/10.1007/s00376-003-0016-5
https://doi.org/10.3878/j.issn.1006-9585.2005.03.09
https://doi.org/10.1016/j.scitotenv.2016.11.211
https://doi.org/10.1002/wat2.1412
https://doi.org/10.1007/s00382-015-2782-z
https://doi.org/10.1016/j.quaint.2014.02.006
https://doi.org/10.1175/BAMS-88-9-1383
https://doi.org/10.1016/j.ejrh.2017.06.007
https://doi.org/10.1016/j.atmosres.2018.03.015
https://doi.org/10.2307/1907187
https://doi.org/10.1016/j.jhydrol.2007.02.018
https://doi.org/10.1016/j.jhydrol.2007.02.018
https://doi.org/10.1016/S1469-3062(03)00052-4
https://doi.org/10.1002/joc.6328
https://doi.org/10.1029/2012GL052790
http://www.mekonginfo.org/assets/midocs/0001968-inland-waters-overview-of-the-hydrology-of-the-mekong-basin.pdf
http://www.mekonginfo.org/assets/midocs/0001968-inland-waters-overview-of-the-hydrology-of-the-mekong-basin.pdf
https://doi.org/10.1016/j.wace.2018.03.005
https://doi.org/10.1175/1520-0493(1982)110%3C0699:seiteo%3E2.0.co;2
https://doi.org/10.1073/pnas.0907610106
https://doi.org/10.1073/pnas.0907610106
https://doi.org/10.3178/hrl.7.66


Pall, P., Aina, T., Stone, D. A., Stott, P. A., Nozawa, T., Hilberts, A. G. J., et al. (2011). Anthropogenic greenhouse gas contribution to flood
risk in England and Wales in autumn 2000. Nature, 470(7334), 382–385. https://doi.org/10.1038/nature09762

Park, E., & Lee, Y. J. (2001). Estimates of standard deviation of Spearman's rank correlation coefficients with dependent observations.
Communications in Statistics Part B: Simulation and Computation, 30(1), 129–142. https://doi.org/10.1081/SAC‐100001863

Pech, S., & Sunada, K. (2008). Population growth and natural‐resources pressures in the Mekong River Basin. Ambio, 37(3), 219–224.
https://doi.org/10.1579/0044‐7447(2008)37[219:PGANPI]2.0.CO;2

Phi Hoang, L., Lauri, H., Kummu, M., Koponen, J., van Vliet, M. T. H., Supit, I., et al. (2016). Mekong River flow and hydrological extremes
under climate change. Hydrology and Earth System Sciences, 20, 3027–3041. https://doi.org/10.5194/hess‐20‐3027‐2016

Pokhrel, Y., Burbano, M., Roush, J., Kang, H., Sridhar, V., & Hyndman, D.W. (2018). A review of the integrated effects of changing climate,
land use, and dams on Mekong river hydrology. Watermark, 10, 266. https://doi.org/10.3390/w10030266

Qian, Y., Gong, D., Fan, J., Ruby Leung, L., Bennartz, R., Chen, D., & Wang, W. (2009). Heavy pollution suppresses light rain in China:
Observations and modeling. Journal of Geophysical Research, 114, D00K02. https://doi.org/10.1029/2008JD011575

Rajeevan, M., Bhate, J., & Jaswal, A. K. (2008). Analysis of variability and trends of extreme rainfall events over India using 104 years of
gridded daily rainfall data. Geophysical Research Letters, 35, L18707. https://doi.org/10.1029/2008GL035143

Räsänen, T. A., Koponen, J., Lauri, H., & Kummu, M. (2012). Downstream hydrological impacts of hydropower development in the upper
Mekong Basin. Water Resources Management, 26(12), 3495–3513. https://doi.org/10.1007/s11269‐012‐0087‐0

Räsänen, T. A., & Kummu, M. (2013). Spatiotemporal influences of ENSO on precipitation and flood pulse in the Mekong River Basin.
Journal of Hydrology, 476, 154–168. https://doi.org/10.1016/j.jhydrol.2012.10.028

Räsänen, T. A., Lindgren, V., Guillaume, J. H. A., Buckley, B. M., & Kummu, M. (2016). On the spatial and temporal variability of ENSO
precipitation and drought teleconnection in mainland Southeast Asia. Climate of the Past, 12, 1889–1905. https://doi.org/10.5194/cp‐12‐
1889‐2016

Ren, G., & Zhou, Y. (2014). Urbanization effect on trends of extreme temperature indices of national stations over mainland China,
1961–2008. Journal of Climate, 27, 2340–2360. https://doi.org/10.1175/JCLI‐D‐13‐00393.1

Rudolf, B., Becker, A., Schneider, U., Meyer‐Christoffer, A., & Ziese, M. (2009). The New “GPCC Full Data Reanalysis Version 5” Providing
High Quality Gridded Monthly Precipitation Data for the Global Land‐Surface Is Public Available since December 2010.

Ruiz‐Barradas, A., & Nigam, S. (2018). Hydroclimate variability and change over the Mekong River Basin: Modeling and predictability and
policy implications. Journal of Hydrometeorology, 19, 849–869. https://doi.org/10.1175/JHM‐D‐17‐0195.1

Scheffer, M., Brovkin, V., & Cox, P. M. (2006). Positive feedback between global warming and atmospheric CO2 concentration inferred
from past climate change. Geophysical Research Letters, 33, L10702. https://doi.org/10.1029/2005GL025044

Schneider, U., Becker, A., Finger, P., Meyer‐Christoffer, A., Ziese, M., & Rudolf, B. (2014). GPCC's new land surface precipitation clima-
tology based on quality‐controlled in situ data and its role in quantifying the global water cycle. Theoretical and Applied Climatology, 115,
15–40. https://doi.org/10.1007/s00704‐013‐0860‐x

Sen, P. K. (1968). Estimates of the regression coefficient based on Kendall's tau. Journal of the American Statistical Association, 63(324),
1379–1389. https://doi.org/10.1080/01621459.1968.10480934

Sidike, A., Chen, X., Liu, T., Durdiev, K., & Huang, Y. (2016). Investigating alternative climate data sources for hydrological simulations in
the upstream of the Amu Darya river. Watermark, 8, 441. https://doi.org/10.3390/w8100441

Simmons, A. J., Jones, P. D., da Costa Bechtold, V., Beljaars, A. C. M., Kållberg, P. W., Saarinen, S., et al. (2004). Comparison of trends and
low‐frequency variability in CRU, ERA‐40, and NCEP/NCAR analyses of surface air temperature. Journal of Geophysical Research, 109,
D24115. https://doi.org/10.1029/2004JD005306

Sohn, S. J., Tam, C. Y., Ashok, K., & Ahn, J. B. (2012). Quantifying the reliability of precipitation datasets for monitoring large‐scale East
Asian precipitation variations. International Journal of Climatology, 32, 1520–1526. https://doi.org/10.1002/joc.2380

Su, L., Miao, C., Duan, Q., Lei, X., & Li, H. (2019). Multiple‐wavelet coherence of world's large rivers with meteorological factors and ocean
signals. Journal of Geophysical Research: Atmospheres, 124, 4932–4954. https://doi.org/10.1029/2018JD029842

Sun, Q., Miao, C., Duan, Q., Ashouri, H., Sorooshian, S., & Hsu, K. L. (2018). A review of global precipitation data sets: Data sources,
estimation, and intercomparisons. Reviews of Geophysics, 56, 79–107. https://doi.org/10.1002/2017RG000574

Tan, M. L., Gassman, P. W., & Cracknell, A. P. (2017). Assessment of three long‐term gridded climate products for hydro‐climatic simu-
lations in tropical river basins. Watermark, 9, 229. https://doi.org/10.3390/w9030229

Tanarhte, M., Hadjinicolaou, P., & Lelieveld, J. (2012). Intercomparison of temperature and precipitation data sets based on observations in
the Mediterranean and the Middle East. Journal of Geophysical Research, 117, D12102. https://doi.org/10.1029/2011JD017293

Thompson, D. W. J., & Wallace, J. M. (1998). The Arctic oscillation signature in the wintertime geopotential height and temperature fields.
Geophysical Research Letters, 25(9), 1297–1300. https://doi.org/10.1029/98GL00950

Todd, M. C., Taylor, R. G., Osborn, T. J., Kingston, D. G., Arnell, N. W., & Gosling, S. N. (2011). Uncertainty in climate change impacts on
basin‐scale freshwater resources—Preface to the special issue: The QUEST‐GSI methodology and synthesis of results. Hydrology and
Earth System Sciences, 15(3), 1035–1046. https://doi.org/10.5194/hess‐15‐1035‐2011

Torrence, C., & Compo, G. P. (1998). A practical guide to wavelet analysis. Bulletin of the American Meteorological Society, 79, 61–78.
https://doi.org/10.1175/1520‐0477(1998)079<0061:APGTWA>2.0.CO;2

Trenberth, K. E. (1984). Signal versus noise in the Southern Oscillation.Monthly Weather Review, 112(2), 326–332. https://doi.org/10.1175/
1520‐0493(1984)112<0326:SVNITS>2.0.CO;2

Trenberth, K. E., Dai, A., Rasmussen, R. M., & Parsons, D. B. (2003). The changing character of precipitation. Bulletin of the American
Meteorological Society, 84(9), 1205–1218. https://doi.org/10.1175/BAMS‐84‐9‐1205

Tsai, C. L., Behera, S. K., & Waseda, T. (2015). Indo‐China monsoon indices. Scientific Reports, 5, 8107. https://doi.org/10.1038/srep08107
United Nations (2015). About the Sustainable Development Goals—United Nations Sustainable Development. Sustainable Development

Goals.
Verdon, D. C., & Franks, S. W. (2006). Long‐term behaviour of ENSO: Interactions with the PDO over the past 400 years inferred from

paleoclimate records. Geophysical Research Letters, 33, L06712. https://doi.org/10.1029/2005GL025052
Villafuerte, M. Q., & Matsumoto, J. (2015). Significant influences of global mean temperature and ENSO on extreme rainfall in Southeast

Asia. Journal of Climate, 28, 1905–1919. https://doi.org/10.1175/JCLI‐D‐14‐00531.1
Wang, B., Wu, R., & Lau, K. M. (2001). Interannual variability of the Asian summer monsoon: Contrasts between the Indian and the

Western North Pacific‐East Asian monsoons. Journal of Climate, 14(20), 4073–4090. https://doi.org/10.1175/1520‐0442(2001)014<4073:
IVOTAS>2.0.CO;2

Wang, B., & Fan, Z. (1999). Choice of South Asian summer monsoon indices. Bulletin of the American Meteorological Society, 80(4),
629–638. https://doi.org/10.1175/1520‐0477(1999)080<0629:COSASM>2.0.CO;2

10.1029/2020JD033331Journal of Geophysical Research: Atmospheres

IRANNEZHAD ET AL. 19 of 20

https://doi.org/10.1038/nature09762
https://doi.org/10.1081/SAC-100001863
https://doi.org/10.1579/0044-7447(2008)37%5B219%3APGANPI%5D2.0.CO;2
https://doi.org/10.5194/hess-20-3027-2016
https://doi.org/10.3390/w10030266
https://doi.org/10.1029/2008JD011575
https://doi.org/10.1029/2008GL035143
https://doi.org/10.1007/s11269-012-0087-0
https://doi.org/10.1016/j.jhydrol.2012.10.028
https://doi.org/10.5194/cp-12-1889-2016
https://doi.org/10.5194/cp-12-1889-2016
https://doi.org/10.1175/JCLI-D-13-00393.1
https://doi.org/10.1175/JHM-D-17-0195.1
https://doi.org/10.1029/2005GL025044
https://doi.org/10.1007/s00704-013-0860-x
https://doi.org/10.1080/01621459.1968.10480934
https://doi.org/10.3390/w8100441
https://doi.org/10.1029/2004JD005306
https://doi.org/10.1002/joc.2380
https://doi.org/10.1029/2018JD029842
https://doi.org/10.1002/2017RG000574
https://doi.org/10.3390/w9030229
https://doi.org/10.1029/2011JD017293
https://doi.org/10.1029/98GL00950
https://doi.org/10.5194/hess-15-1035-2011
https://doi.org/10.1175/1520-0477(1998)079%3C0061:APGTWA%3E2.0.CO;2
https://doi.org/10.1175/1520-0493(1984)112%3C0326:SVNITS%3E2.0.CO;2
https://doi.org/10.1175/1520-0493(1984)112%3C0326:SVNITS%3E2.0.CO;2
https://doi.org/10.1175/BAMS-84-9-1205
https://doi.org/10.1038/srep08107
https://doi.org/10.1029/2005GL025052
https://doi.org/10.1175/JCLI-D-14-00531.1
https://doi.org/10.1175/1520-0442(2001)014%3C4073:IVOTAS%3E2.0.CO;2
https://doi.org/10.1175/1520-0442(2001)014%3C4073:IVOTAS%3E2.0.CO;2
https://doi.org/10.1175/1520-0477(1999)080%3C0629:COSASM%3E2.0.CO;2


Wang, B., Wu, R., & Fu, X. (2000). Pacific‐East Asian teleconnection: How does ENSO affect East Asian climate? Journal of Climate, 13(9),
1517–1536. https://doi.org/10.1175/1520‐0442(2000)013<1517:PEATHD>2.0.CO;2

Wang, B., Wu, Z., Li, J., Liu, J., Chang, C. P., Ding, Y., & Wu, G. (2008). How to measure the strength of the East Asian summer monsoon.
Journal of Climate, 21(17), 4449–4463. https://doi.org/10.1175/2008JCLI2183.1

Wang, F., Ge, Q., Chen, D., Luterbacher, J., Tokarska, K. B., & Hao, Z. (2018). Global and regional climate responses to national‐committed
emission reductions under the Paris agreement. Geografiska Annaler. Series A, Physical Geography, 100, 240–253. https://doi.org/
10.1080/04353676.2018.1488538

Wang, W., Lu, H., Yang, D., Sothea, K., Jiao, Y., Gao, B., et al. (2016). Modelling hydrologic processes in the Mekong River basin using a
distributed model driven by satellite precipitation and rain gauge observations. PLoS ONE, 11, e0152229. https://doi.org/10.1371/jour-
nal.pone.0152229

Ward, P. J., Beets, W., Bouwer, L. M., Aerts, J. C. J. H., & Renssen, H. (2010). Sensitivity of river discharge to ENSO. Geophysical Research
Letters, 37, 12. https://doi.org/10.1029/2010GL043215

Xu, K., Zhong, L., Ma, Y., Zou, M., & Huang, Z. (2020). A study on the water vapor transport trend and water vapor source of the Tibetan
Plateau. Theoretical and Applied Climatology, 140, 1031–1042. https://doi.org/10.1007/s00704‐020‐03142‐2

Xue, Z., Liu, J. P., & Ge, Q. (2011). Changes in hydrology and sediment delivery of the Mekong River in the last 50 years: Connection to
damming, monsoon, and ENSO. Earth Surface Processes and Landforms, 36(3), 296–308. https://doi.org/10.1002/esp.2036

Yang, R., Zhang, W. K., Gui, S., Tao, Y., & Cao, J. (2019). Rainy season precipitation variation in the Mekong River basin and its rela-
tionship to the Indian and East Asian summer monsoons. Climate Dynamics, 52, 5691–5708. https://doi.org/10.1007/s00382‐018‐4471‐1

Yao, J., & Chen, Y. (2015). Trend analysis of temperature and precipitation in the Syr Darya Basin in Central Asia. Theoretical and Applied
Climatology, 120, 521–531. https://doi.org/10.1007/s00704‐014‐1187‐y

Yao, Y., Lin, H., &Wu, Q. (2015). Subseasonal variability of precipitation in China during boreal winter. Journal of Climate, 28, 6548–6559.
https://doi.org/10.1175/JCLI‐D‐15‐0033.1

Yatagai, A., Arakawa, O., Kamiguchi, K., & Kawamoto, H. (2009). A 44‐year daily gridded precipitation dataset for Asia based on a dense
network of rain gauges. SOLA, 5, 137–140. https://doi.org/10.2151/sola.2009‐035

Yatagai, A., Kamiguchi, K., Arakawa, O., Hamada, A., Yasutomi, N., & Kitoh, A. (2012). APHRODITE: Constructing a long‐term daily
gridded precipitation dataset for Asia based on a dense network of rain gauges. Bulletin of the American Meteorological Society, 93(9),
1401–1415. https://doi.org/10.1175/BAMS‐D‐11‐00122.1

Yin, J., Yin, Z., Zhong, H., Xu, S., Hu, X., Wang, J., & Wu, J. (2011). Monitoring urban expansion and land use/land cover changes of
Shanghai metropolitan area during the transitional economy (1979‐2009) in China. Environmental Monitoring and Assessment,
177(1–4), 609–621. https://doi.org/10.1007/s10661‐010‐1660‐8

Yue, S., Pilon, P., Phinney, B., & Cavadias, G. (2002). The influence of autocorrelation on the ability to detect trend in hydrological series.
Hydrological Processes, 16(9), 1807–1829. https://doi.org/10.1002/hyp.1095

Zahn, R. (2009). Beyond the CO2 connection. Nature, 460(7253), 335–336. https://doi.org/10.1038/460335a
Zhang, C., Tang, Q., & Chen, D. (2017). Recent changes in the moisture source of precipitation over the Tibetan Plateau. Journal of Climate,

30, 1821–1837. https://doi.org/10.1175/JCLI‐D‐16‐0493.1
Zhang, R. H., & Levitus, S. (1997). Structure and cycle of decadal variability of upper‐ocean temperature in the North Pacific. Journal of

Climate, 10(4), 710–727. https://doi.org/10.1175/1520‐0442(1997)010<0710:SACODV>2.0.CO;2
Ziv, G., Baran, E., Nam, S., Rodriguez‐Iturbe, I., & Levin, S. A. (2012). Trading‐off fish biodiversity, food security, and hydropower in the

Mekong River Basin. Proceedings of the National Academy of Sciences, 109(15), 5609–5614. https://doi.org/10.1073/pnas.1201423109

10.1029/2020JD033331Journal of Geophysical Research: Atmospheres

IRANNEZHAD ET AL. 20 of 20

https://doi.org/10.1175/1520-0442(2000)013%3C1517:PEATHD%3E2.0.CO;2
https://doi.org/10.1175/2008JCLI2183.1
https://doi.org/10.1080/04353676.2018.1488538
https://doi.org/10.1080/04353676.2018.1488538
https://doi.org/10.1371/journal.pone.0152229
https://doi.org/10.1371/journal.pone.0152229
https://doi.org/10.1029/2010GL043215
https://doi.org/10.1007/s00704-020-03142-2
https://doi.org/10.1002/esp.2036
https://doi.org/10.1007/s00382-018-4471-1
https://doi.org/10.1007/s00704-014-1187-y
https://doi.org/10.1175/JCLI-D-15-0033.1
https://doi.org/10.2151/sola.2009-035
https://doi.org/10.1175/BAMS-D-11-00122.1
https://doi.org/10.1007/s10661-010-1660-8
https://doi.org/10.1002/hyp.1095
https://doi.org/10.1038/460335a
https://doi.org/10.1175/JCLI-D-16-0493.1
https://doi.org/10.1175/1520-0442(1997)010%3C0710:SACODV%3E2.0.CO;2
https://doi.org/10.1073/pnas.1201423109


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends false
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage false
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2001
  ]
  /PDFX1aCheck true
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (Euroscale Coated v2)
  /PDFXOutputConditionIdentifier (FOGRA1)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <>
    /CHT <>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF che devono essere conformi o verificati in base a PDF/X-1a:2001, uno standard ISO per lo scambio di contenuto grafico. Per ulteriori informazioni sulla creazione di documenti PDF compatibili con PDF/X-1a, consultare la Guida dell'utente di Acrobat. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 4.0 e versioni successive.)
    /JPN <>
    /KOR <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die moeten worden gecontroleerd of moeten voldoen aan PDF/X-1a:2001, een ISO-standaard voor het uitwisselen van grafische gegevens. Raadpleeg de gebruikershandleiding van Acrobat voor meer informatie over het maken van PDF-documenten die compatibel zijn met PDF/X-1a. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 4.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENG (Modified PDFX1a settings for Blackwell publications)
    /ENU (Use these settings to create Adobe PDF documents that are to be checked or must conform to PDF/X-1a:2001, an ISO standard for graphic content exchange.  For more information on creating PDF/X-1a compliant PDF documents, please refer to the Acrobat User Guide.  Created PDF documents can be opened with Acrobat and Adobe Reader 4.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /HighResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


